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1 Introduction

Democratic accountability presupposes that voters observe outcomes, correctly attribute respon-
sibility for what they observe, and update their beliefs and voting behavior accordingly (Fearon,
1999; Ashworth, 2012a; Malhotra and Kuo, 2008). In practice, it is often difficult to assign respon-
sibility. For most policy outcomes — a slow public hospital, a commuter-train breakdown, rising
inflation, a failing school, a botched disaster response — it is typically unclear which political
actor took the decisions that produced the outcome. For example, current inflation or budget
deficits can be blamed on decisions taken by administrations long past. Certainly, no individ-
ual voter has direct access to the underlying policy production function. Therefore, ambiguity
of attribution is not an edge case but a pervasive feature of modern policy-making, and it sits
upstream of everything a rational voter does with information on the quality of government.

We focus on one particularly consequential source of attribution ambiguity: the allocation
of responsibility across layers of government. Multilayer governance is ubiquitous: in federal
systems such as the United States, Germany, or Spain; in decentralized but non-federal states,
where subnational governments administer centrally funded services; and in supranational enti-
ties such as the European Union, where policy failures may genuinely be the fault of Brussels or
of national governments. In each of these settings, areas of responsibility overlap in ways that
are difficult for voters to parse. How citizens form and revise beliefs about who is responsible in
such environments — and how their partisan sympathies interact with this inferential problem
— is the central question of this paper.

We start by developing a simple rational-Bayesian model of belief updating under attribu-
tion ambiguity. Two political actors (henceforth parties, which we refer to as Right and Left) are
plausibly responsible for a policy outcome. Citizens are uncertain about three objects: the com-
petence of Right, the competence of Left, and which party is responsible for the policy outcome.
Each citizen’s experience with the policy is privately observed, and the probability of obtain-
ing a good outcome is increasing in the competence of the party which is, in fact, responsible.
Upon observing the outcome, the citizen must simultaneously update over the three objects she
is uncertain about. In this simple framework, partisanship has a minimalistic conceptualization:

a citizen is a left-wing (right-wing) partisan if, according to her priors, the Left (Right) party is



more competent on average.

Our first result indicates that updating over attribution is a necessarily partisan exercise. Ob-
serving the same outcome, citizens of differing partisanship rationally update in opposite direc-
tions about who is likely responsible: after a good outcome, each partisan credits her preferred
actor; after a bad outcome, each shifts blame to the party they do not support. The intuition is
very stark: say a right-wing citizen observes a success. She is uncertain about which party is
responsible, but, by virtue of her priors, believes that the Right party is more likely to produce
successes. She thus cannot help but update upwards her belief that the Right party is responsible.
In contrast, a left-wing citizen who also observes a success will update downwards her belief
that the Right party is responsible. Therefore, this simple rational model generates patterns that
closely resemble what the literature has interpreted as behavioral partisan distortions.

The second result shows that updating over party competence is a difficult exercise in the
presence of ambiguous attribution. The reason behind this complication is very intuitive: a citi-
zen who observes a success but is unsure who has produced it, necessarily must update upwards
on the competence of both parties. Given this, whether the partisan gap (her belief over the
difference between the competence of Right and Left) increases or decreases is inherently am-
biguous. More specifically, we show that the direction of updating over the gap depends on the
prior over attribution and on the citizen’s relative uncertainty over the quality of both parties, a
conceptually clear but empirically slippery object. It follows from this result that information on
performance in the presence of attribution ambiguity can easily have muted or counterintuitive
effects on citizens’ partisanship. This rationalizes the somewhat disappointing empirical find-
ings of a large experimental literature which investigates the effect of information treatments on
political outcomes.?

The third result elucidates the empirical implications of this theory to identify conditions un-

der which beliefs over attribution, partisanship, and experience of policy success are correlated

'The fact that citizens appear eager to credit their preferred side for good outcomes and blame the opposing
side for bad outcomes is often interpreted as evidence of partisan bias, motivated reasoning, or selective attribution:
(Healy et al., 2014; Bisgaard, 2019; Graham and Singh, 2024). Our point is that this pattern is not, by itself, diagnostic

of behavioral bias.
2 A well-known meta study concludes that “we find no evidence overall that typical, nonpartisan voter information

campaigns shape voter behavior” (Dunning et al., 2019).



at the aggregate level. More specifically, we show that as long as partisanship is minimally sta-
ble, we should see the following structure of beliefs: citizens who assess the quality of policy
positively and are right-wing (left-wing), should attribute the policy to Right at a higher (lower)
rate compared to citizens who are bad-assessment and right-wing (left-wing). Similarly, among
good-assessment (bad-assessment) citizens, those who are right-wing should attribute the policy
to Right at a higher (lower) rate compared to citizens who are left-wing.

We take these predictions to the data studying beliefs over the Spanish public healthcare sys-
tem, which offers an unusually clean setting for studying attribution ambiguity. Spain is a highly
decentralized state in which regional governments (the Autonomous Communities) are consti-
tutionally responsible for organizing and delivering healthcare, while the central government
sets the overall legal framework, coordinates inter-regional policy, and provides much of the fi-
nancing. Both layers can plausibly be responsible for observed performance, and in fact both are
routinely blamed in public discourse.

Our design follows a growing survey-based literature that combines detailed belief elicitation
with randomized information provision to study how individuals reason about complex policy
environments (Stantcheva, 2021; Haaland et al., 2023). Specifically, between July 10 and 17, 2023,
in the week immediately before the Spanish general election, we fielded an original survey on a
representative sample of 3,857 adults. The survey elicits, for each respondent: partisan identity;
beliefs about which layer of government is responsible for healthcare, separately for legal (de
jure) and political (de facto) responsibility; and beliefs over how long it takes on average in their
region of residence to see a public health medical specialist and to receive elective surgery. The
latter variables are our proxy for a respondent’s assessment of the quality of public healthcare:
shorter waiting lines are a vertical good which should be the result of higher quality management
and better husbandry of public resources.

We first document that there is wide dispersion of assessments of quality. Despite the fact
that average waiting times are published online by the regional healthcare ministries, for each
region and partisanship, we find substantial overestimation and underestimation among respon-
dents: more than one-fifth of respondents hold beliefs more than a standard deviation from the
regional official waiting time. Second, respondents are informed about the legal allocation of

healthcare responsibility: approximately 60% correctly identify the regional level as legally re-



sponsible for healthcare management. Political attribution, however, is far more dispersed — 22%
assign primary responsibility to the central government, 36% to regional governments, with the
remainder distributed in between. The gap between accurate beliefs about legal competence and
dispersed beliefs about political attribution is telling: attribution is not hard because voters lack
institutional knowledge, but because political responsibility is genuinely ambiguous.

We then proceed to map out the structure of respondents’ beliefs. We show that despite the
huge aggregate heterogeneity in assessment of quality and attribution, beliefs are correlated as
predicted by the model. At the time in Spain the central government was controlled by Left.
When we look at right-wing respondents who live in regions governed by Right, we find that
those who believe waiting times are short (i.e. healthcare is high quality), are more likely to
assign responsibility to the regional government than those who believe healthcare quality is
low. The opposite is true for left-wing voters. Similarly, when we look at voters who believe
healthcare is high quality, those who are right-wing are more likely to assign responsibility to
the regional government than those who are left-wing. The opposite is true among respondents
who believe healthcare waiting lines are long.

Importantly, we can check whether these patterns exist in regions where the regional gov-
ernment is Left. Note that in these regions the partisan cue is not present, as both the central
and the regional government are run by the same party. Indeed, we find that in these regions the
aforementioned patterns are either muted or entirely absent. In other words, while institutional
ambiguity remains, respondents cannot use party quality as an updating factor and thus the cor-
relation between partisanship, beliefs over healthcare quality, and attribution is not present. We
can thus use these regions both as placebo and also as control in triple-difference specifications
to purge the spurious effects of unmodeled reasons why ideology or perceptions of quality may
affect attribution beliefs. The theory-predicted patterns in regions governed by Right emerge in
full force in this last set of specifications.

According to the model, the correlational structure of respondents’ beliefs is to be interpreted
as the effect of partisanship and assessment of quality on attribution of responsibility. However,
an existing literature (e.g., Bullock et al., 2015) documents an alternative causal channel: a partisan
respondent who believes her preferred party is responsible for healthcare may report she believes

healthcare is high quality — an expressive phenomenon dubbed partisan cheer-leading, which



would amount to reverse causality in our setting. To ensure our preferred interpretation is a
major force behind the correlational structure we have described, we embedded an experiment
in the survey: two-thirds of respondents were randomly assigned to receive accurate, region-
specific information on the official waiting times, while one-third served as a pure control. We
thus shock voters’ beliefs about performance exogenously — using a piece of information that is
hard to dismiss as politically biased because it is numeric, region-specific, and comes from official
statistics — and observe how attribution of responsibility responds.

The informational treatment induces updating in the expected, heterogeneous, direction. Given
identical numeric news about official average regional waiting times, left- and right-wing voters
revise attribution in opposite ways, and the direction of the update flips between positive and
negative news consistent with the model’s sign restrictions. Importantly, nonparametric learning
curves show that, across all partisan-alignment groups, posterior beliefs about the performance
variable itself move toward the official waiting time: respondents do update in a Bayesian manner.
In other words, we can reject the specific irrational bias of stubborn, prior-preserving dismissal
of dissonant information. Instead, we find support for our theoretical model which predicts that
attribution beliefs do not converge even if extremely precise information about performance is
provided.

Taken together, these results show that patterns often interpreted as partisan distortions or
motivated reasoning arise naturally when voters are fully rational but face non-trivial uncertainty
about who is responsible for outcomes. This has immediate consequences for how we think
about political and institutional accountability. When responsibility is ambiguous, the sign of any
citizen’s response to a given performance signal — whether the decision is a vote, a complaint
to her representative, or a consequential fiscal choice such as paying taxes — depends on the
interaction of her partisan priors and her attribution beliefs. The overarching lesson here is that
even if voters were fully rational, in the presence of attribution uncertainty, information about
government performance, no matter how abundant, is unlikely to dislodge their partisan priors.

Our framework and evidence thus provide a new lens to revisit a large empirical literature in
political economy, development economics, and public finance. In recent decades, many exper-
iments have informed citizens about government performance and measured effects on a wide

range of outcomes including voting, complaint-making, and tax compliance. The results are strik-



ingly heterogeneous: large and positive in some settings, null in many, and occasionally of the op-
posite sign (Ferraz and Finan, 2008; Dunning et al., 2019; Incerti, 2020; Chong et al., 2015; Banerjee
et al., 2024; Bhandari et al., 2023; Adida et al., 2017; Grossman and Michelitch, 2018; Brockmeyer
et al., 2024; Hurst et al.,, 2024). This can be rationalized as a direct prediction of rational infer-
ence under attribution ambiguity, with no appeal to voter irrationality required: in a world of
genuinely ambiguous attribution, the effect of performance information on electoral advantage
is not theoretically pinned down, so null and mixed findings are predictions of the rational model
rather than anomalies to be explained. A methodological implication follows: experiments that
inform citizens about performance without measuring and conditioning on attribution beliefs are
estimating a reduced-form parameter whose sign depends on an unobserved input — the partisan
structure of voters’ attribution beliefs — that this literature has rarely measured.

We also contribute to the theoretical literature on political agency and electoral accountability
(Ashworth, 2012b; Ashworth et al., 2017; Besley and Prat, 2006), which typically assumes that vot-
ers observe outcomes and attribute them to specific incumbents even if there is still an inference
problem caused by hidden information. In ambiguous settings this assumption is often unrealis-
tic, and our framework studies the rational consequences of such ambiguity. More broadly, our
results speak to the active debate in political economy about whether apparent partisan distor-
tions reflect motivated reasoning or differing priors.* Relative to the broader tradition of eliciting
partisan-structured perceptions of macroeconomic and policy quantities (Bartels, 2002; Bisbee
and Lee, 2022; Bisgaard, 2019; Bonomi et al., 2021), we measure not only outcome perceptions but

also the attribution beliefs they map into, and we show that partisanship acts primarily through

SLittle et al. (2022) and Little (2025) probe the observational equivalence between once-motivated-reasoning mod-
els and Bayesian models with different priors. Gentzkow et al. (2025) similarly shows that fully rational, Bayesian
voters can depart from standard updating in the presence of uncertainty about the ideological bias and trustwor-
thiness of information sources — a different source of uncertainty than the one we study, but parallel in its effects:
rational agents who lack a key piece of information necessary for clean inference produce belief patterns that look
at first glance like irrational distortion. These results are the theoretical counterpart of our empirical finding that
rationality plus uncertainty about responsibility reproduces the patterns typically read as motivated reasoning. Inde-
pendent recent evidence supports this interpretation: Graham and Singh (2024) document that COVID-19 selective
attribution in the United States is driven primarily by updating of competence beliefs rather than by motivated

reasoning.



the attribution channel rather than through distortion of outcome beliefs themselves.

The observation that multilayer governance blurs the link between outcomes and political
actors has a long descriptive tradition in political science (Powell and Whitten, 1993; Anderson,
2006; Leon, 2011; Leon et al., 2018; Hobolt and Tilley, 2014; Heinkelmann-Wild et al., 2023). A
growing experimental literature complements this tradition with survey and field experiments
designed to move attribution beliefs directly — through partisan labels, responsibility cues, cor-
rections about legal competence, or variation in the perceived balance of power between politi-
cians and bureaucrats (Tilley and Hobolt, 2011; Malhotra and Kuo, 2008; Leon and Orriols, 2019;
Fernandez-Albertos et al., 2013; Martin and Raffler, 2021; Capezzone et al., 2026). A common fea-
ture of these designs is that the researcher manipulates beliefs about who is responsible rather
than beliefs about the underlying performance outcome. This has delivered suggestive descrip-
tive evidence that attribution beliefs can be moved and that they mediate evaluations of public
services. For our questions, however, it has two limitations. First, in multilayer settings political
responsibility is genuinely contested — no researcher can credibly reveal the “true” allocation of
central versus regional authority. Second, because pre-treatment beliefs on the shocked variable
are typically not elicited, within-person belief revision cannot be observed, and sharp rational-
updating hypotheses cannot be tested directly. Instead, we shock perceptions of quality using
numeric information drawn from official statistics which is harder for subjects to dismiss as po-
litically motivated statements about who is responsible. Moreover, we elicit prior and posterior
beliefs on both performance and attribution, which lets us trace within-person updating non-
parametrically, test the model’s full sign structure on heterogeneous treatment effects, and rule
out the specific irrationality — stubborn, prior-preserving dismissal of dissonant information —
that is sometimes invoked to explain persistent partisan beliefs. We do not claim novelty on the
underlying empirical regularity — that attribution in multilayer settings is dispersed and partisan-

structured — but on the framework within which it is interpreted and on the design that tests it.

2 Theory

In this Section we introduce a stylized model of citizen learning to explain our empirical results

and explore their implications. In our model, citizens privately experience a public service which



is implemented by one of two politicians. Whether the experience is a success depends on the
competence/ability of the responsible politician, but citizens do not know which politician is to
be held responsible. Hence, they use the observed experience to both attribute responsibility and

learn about politicians’ abilities.

Politicians There are two politicians (political parties) L and R that are currently in govern-
ment and hence are plausibly in charge of a public service. Politicians differ in their skills: Politi-
cian j € {L, R} hasskill§; € [0,1]. Weleta € {0, 1} denote which politician is truly responsible
for the public service, with R (L) implementing it if a = 1 (a = 0).

Citizens There is a countably infinite mass of citizens, indexed by .#. They are unsure about
both a) the skill of politicians and b) who is responsible for the public service. Citizens may have
different prior beliefs over [a, O, 0], and we assume such priors are independent across all three

random variables, i.e., fori € &
F[(Z, QR, 9[/; Z] = F;(CL)F}Z%(QR)F[ZI(HL)

We let o;(a) = Pr;[a] and we assume that F}, j € {R, L}, admits a continuous density f; > 0.

Private Experience Each citizen has a private experience of the public service. We model this
as a service outcome Y; € {F,S},i € .#, which can be a success S or failure F'. Outcomes
are conditionally independent across the population but depend on the skill of the responsible

politician. More specifically, the conditional probability of success for each citizen is

PrY; = Sla,0g, 0] = afg + (1 — a)0;.

Therefore, while there is a single politician responsible for the policy, there is variation in
the experience perceived by citizens. We thus have two reasons for heterogeneity in citizens’

posteriors over responsibility: heterogeneity in priors and variation in experience.

2.1 Properties of Citizens’ Inference

It is useful to divide citizens into two groups, Z and ., according to their priors. Voters in group

Z initially believe that R is more competent on average than L—so, Z = {i € .¥ : E;[0g] >
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[E;[0.]}— and we will say that R is their favorite party. For voters in .Z, L is their favorite party—
so,.Z ={i € 7 :E;[0g] < E;[01]}. These definitions capture partisanship in this simple model:
that a voter is partisan simply means that she believes that her favorite party on average produces
more competent politicians than the opposite party.

The first result we present concerns how rational voters update over attribution as a function

of prior partisanship and experience with the public service.

Proposition 1. Suppose that citizen i experiences outcomeY; =Y and let p;(Y) = Pr;la = 1|Y; =

Y] be this citizen’s posterior over a. Then:

e pi(Y =9) > ai(a=1) ifi € Z.

pi(Y =8)<aila=1)ifie Z.

pi(Y =F)<aia=1)ifi € Z.

pi(Y =F)>awa(a=1) ifi e £

This result is very stark. If a citizen experiences a success, she necessarily concludes that her
favorite party is more likely to be responsible for the service than she previously thought. The
opposite happens if she experiences a failure. This is intuitive: since she believes one party to be
better at generating successes than the other, she must take a success as evidence that her favorite
party is more likely to be responsible. Notice that a direct implication of this result is that, sharing
the same experience, two citizens with different partisanship update in opposite ways regarding
who is responsible for the service. In summary, voters attribute successful outcomes to their
favorite party, updating in opposite directions based on their partisan priors. And this is fully
rational.

While the updating process over a is clear as a function of partisanship and outcome, am-
biguity over responsibility causes updating over party quality to be more nuanced. To see this,
let E;[0r — 0.] be the advantage that party R has over L according to citizen i’s prior. Upon
observing Y}, the voter updates on both 6y and ;.. This results in an updated advantage for party
Rover L, Ag(Y;) = E;[0r — 0.]Y;]. Our second result characterizes how the advantage evolves

as voters update.

10



Proposition 2. Let AL(Y;) = Ap(Y;) —E;[0r — 0] be the change in advantage as voter i observes
Y;. We have:

« Suppose all voters know a = 1. Then AL (Y; = S) > 0 and A%(Y; = F) < 0 for all i.
« Suppose all voters know a = 0. Then AL (Y; = S) < 0 and A%,(Y; = F) > 0 for all i.

« When a;(a) € (0,1), AL(Y; = S) > 0 and A (Y; = F) < 0 iff

ai(a=1)  Var;0,]

a;(a=0) o Var;[0r] ()

This proposition shows there is a clear difference in the scenario with certainty over responsi-
bility versus the scenario with ambiguity. The first two results concern the unambiguous scenario
and are simple and intuitive: if citizens know that R is responsible for the policy, then Y; con-
tains no information about €. Accordingly, observing S must lead to a positive update on 0y
and an increase in ’s advantage independently of citizen ¢’s partisan priors. This scenario thus
bodes well for accountability: the advantage of the party known to be responsible for the service
increases with successes and shrinks with failures.

The last result in the proposition shows that when there is uncertainty over responsibility,
updating on party advantage depends on the uncertainty faced by the citizen on both politicians
as captured by the second moment of her priors over party quality. To understand this, notice
that upon observing S (F'), a citizen must update upwards (downwards) on the quality of both
parties. This is indeed a direct consequence of not knowing for certain who implements the
service. Therefore, what happens to the advantage of party 12 depends on which 6; updates the
most. Naturally, if voter ¢ thinks that R is more likely to be responsible than L, she will tend
to update 0z more. This is captured by the left hand side of (1). However, if she is a lot more
uncertain about the quality of L than she is about the quality of R, her beliefs over ;, are a lot
more reactive to new information than her beliefs over 6. This is the reason why the relative
uncertainty of the priors on quality matters, as captured in the right hand side of (1).

There are two important implications of this result. First, when voters are uncertain about
attribution, accountability is necessarily muddled by factors extraneous to policy performance.

In particular, an incumbent could be doing a great job, providing S to most of the population, and

11



still see his electoral advantage shrink because most voters happen to be very uncertain about
the quality of his challenger.

Second, this model does not necessarily predict rigid partisanship. Proposition 1 suggests that
the advantaged party should benefit from ambiguity as successes are interpreted as being likely
produced by them. However, this could happen at the same time that the advantage shrinks if
the second moment of a voter’s beliefs does not satisfy (1).

To see more concretely how ambiguity over responsibility can work against accountability,
consider a simple numerical example. Suppose voter ¢ € Z initially assigns average abilities
E;[0r] = 0.6 > 1/2 = E,[f.] and believes that party R, her favorite, is somewhat more likely

than L to be responsible for the service, with a;(a = 1) = 0.7 and «;(a = 0) = 0.3, so that

a(a=1) 0.7
- L= ~233
a;(a=0) 0.3

At the same time, she is quite confident about the quality of 12 but very uncertain about the quality

of L. For instance, her prior variance over 0y, is relatively small, say Var;[0r] = 0.02, while her

prior variance over 6, is maximal given the average, i.e., Var;[fr] = 0.5 % (1 — 0.5) = 0.25, so

that
Var;[0p]  0.25
= = 12.5.
VCLTZ‘ [QR] 0.02
In this case, condition (1) fails, because
ai(a=1) Var;[0)
—= = 233 < 125 = ——=.
a;(a=0) Var;|0g]

Now suppose voter i experiences a success, Y; = S. By Proposition 1, she rationally concludes
that R is more likely to be responsible than she previously thought, so p;(Y; = 5) > «a;(a =
1). At the same time, however, Proposition 2 implies that her perceived advantage of R over
L shrinks, A%(Yi = 5) < 0. Intuitively, because she is much more uncertain about ¢ than
about 6y, the same success leads her to revise her beliefs about L’s competence more than about
R’s competence. In fact, her uncertainty over L’s competence was so large, that R’s posterior
advantage after observing Y; = S turns negative, as Ag(Y; = §) = —0.007, and she becomes

an L-supporter.* In this case, the success makes it more likely in her mind that R delivered

“We formally show this in the proof of Proposition 2. This is an example of a crossover voter which we define

below.

12



the service, but it also narrows the perceived quality gap to an extent that she switches party
allegiance.

This example illustrates the tension highlighted above. With ambiguous responsibility, the
same good performance can simultaneously (i) strengthen the posterior belief that the incum-
bent is responsible and (ii) weaken the perceived quality advantage of the incumbent over the
challenger. In such environments, even a government that delivers many successes may fail to
build, or may even lose, a quality advantage in voters’ eyes if voters’ prior uncertainty about the
challenger is sufficiently large.

We now turn from individual-level updating to the empirical content of the model. In particu-
lar, we derive predictions for how, in the population, beliefs about attribution should co-vary with
partisanship and with citizens’ private assessments of service quality. These predictions motivate

both the structure of our survey and the hypotheses we test in the control and treatment groups.

2.2 Empirical Implications

The model above induces a specific structure on the population correlation between partisanship,
private outcomes, and beliefs over attribution. The following proposition provides bounds on
this correlation in terms of the largest group of voters that may revise partisanship in light of
their private outcome. To present this result, let A;(Y) € {0,1}, 7 € {R, L}, be equal to 1 if
a citizen believes after observing outcome Y that politician j is more likely to be responsible
for the policy.” Furthermore, partition the initial supporters of R and L into the following two
groups according to politicians’ expected skill. First, the base of party j, base;(Y"), comprises

those citizens who are strong supporters of party j:

base;(Y = S) = {i € 7 : (E;[0,])* > Ei[64]},
base;(Y = F)={i € & : (E[1 — 6,])* > E;[1 - 6,]}.

This definition only considers the first moment in the distribution of priors, which leaves substan-

tial degrees of freedom for citizens’ learning to vary with their prior F*(0g,01) = F4(0r)F}(61).

SFormally, we let Ag(Y) =T{p(Y) > 1/2} and AL(Y) = {p(Y) < 1/2}.

13



Nevertheless, we show in the proof of Proposition 3 that any citizen in base;(Y") will remain a
supporter of party j after observing outcome Y irrespective of the variance they face on the skill
of the politicians.

Potential crossover supporters of party j, crossover;(Y), are those that may switch allegiance
after observing Y. The formal characterization of crossover citizens is therefore just a combina-
tion of sets: citizens who are supporters today, but not in the base.® These preliminaries allow for

the statement of the main population-level result:’

Proposition 3. Let
pir(Y) = PrlA;(Y) = 1A(Y) 2 0,Y]
be the fraction of citizens that, after observing Y, support politician k and believe politician j is

responsible. Suppose voters have full uncertainty over attribution—i.e., a(1) = a(0) = 1/2. Then,

(i) The probability that a citizen attributes a success to their ex-post favorite politician satisfies

Prli € base;(Y = 9)]
- = >
pii(Y = 5) 2 Pr[i € base;(Y = S)] + Pr[i € crossover, (Y = 5)]

- ()
(ii) The probability that a citizen attributes a failure to their ex-post laggard politician satisfies

Prli € base,(Y = F)]
(Y = F) >
Pik( ) 2> Pr[i € baser(Y = F)] + Prli € crossover;(Y = F)]

] F# ks 3)

The assumption of full prior uncertainty over attribution implies that initial support deter-
mines posterior attribution: for instance, citizens in % will believe that R is more likely to
be responsible after a success—so Ar(Y = S) = 1—while they will assign a failure to L—so
Agr(Y = F) = 0—see Proposition 1.> However, posterior partisanship depends on how much
citizens learn about each party and our partitioning into crossover;(Y') and base;(Y') captures
when learning can and cannot trounce initial advantage. To see this through an example, sup-
pose that all citizens in & are absolutely certain about fzp—so that Var(6r) = 0. If they are also

certain about #,—so that Var(0;) = O—then their private experience would not change the sign

®Therefore, crossover voters are crossoverg(Y) = %N (baser(Y))¢ and crossovery (Y) = £ N (baser (Y))°.
"We interpret probabilities over subsets of .# as empirical frequencies over the population.

®In the empirical application, we assume we survey citizens after they have had direct or indirect exposure to the
public service. Assuming a fully uncertain prior is done for clarity. After all, if one is willing to assume that there
was already a correlation in the priors between attribution and partisanship then one can obtain much more easily,

and uninterestingly, the correlation in the posteriors.
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of R’s advantage. Suppose instead that all citizens in % are maximally uncertain about 6;,—so
that Var(0,) = E[0.](1 — E[0.]). Y = S, any citizen i € Z will not revise 0 but will ag-
gressively increase E[f,]. If i € crossoverg(Y = S), then R's initial advantage is modest and
the citizen will believe that R is responsible but switch allegiance to L, as in the example in the
previous subsection. If instead i € baser(Y = S), then the initial average advantage is so large
that she always keeps her allegiance to R. Thus, (2) puts a lower bound on the fraction of pos-
terior j—partisans that would attribute a success to politician j while (3) provides a lower bound
on the fraction attributing a failure to the other politician.’

To provide a numerical example, suppose that the cross-sectional distribution of prior beliefs
leads to uniformly distributed average abilities of R and L in the population. Then, (2) means
that at least 2/3 of politician-;’s supporters believe him to be responsible after a success, but (3)
means that at most 1/3 believe him to be responsible after a failure. The advantage of Proposition
3 is that it provides this characterization for any distribution of partisan priors in the population.

The following corollary translates the bounds on Proposition 3 into differences in frequencies

of attribution across partisanship and experience.

Corollary 1. Suppose that a(1) = a(0) = 1/2 and Pr[i € crossover;(Y)] < Pr[i € basex(Y)],
forj,k € {R,L}. Then,
(a) Within partisanship we have
prr(Y = S) — prr(Y = F) > 0,

pre(Y = 8) — pre(Y = F) < 0.
(b) Within outcomes we have

pre(Y = 5) — pro(Y = 5) >0,
prr(Y = F) = pre(Y = F) < 0.
This corollary details two sets of results we can bring to the survey data we describe below.

The first result conditions on partisanship and says that those who report a good assessment of

public service (i.e. observe a success in the parlance of the model) are more likely to attribute it to

These bounds will bind when all crossover voters switch allegiance as these would minimize the fraction of

posterior supporters of a politician that were also initial supporters.
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their reported preferred party. In particular, among right-wing voters, those who report a good
assessment should assign responsibility to Right at a higher rate than those who do not. In con-
trast, among left-wing voters, those who report a good assessment should assign responsibility
to Right at a lower rate than those who report bad assessment.

The second result conditions on reported assessment instead and says that citizens with a good
assessment (bad assessment) attribute responsibility for the policy to their preferred (opposing)
party. In particular, good-assessment right-wing voters should assign responsibility to Right at
a higher rate than good-assessment left-wing voters. The opposite should be true for those who
report bad assessment.

Because observed partisanship is endogenous to experience with the public policy, these as-
sociations are not universal due to the issue we report in Proposition 3. The restriction we need
to impose on priors is the stated bound on the maximum number of crossover voters relative to
both bases. In practice, this assumption requires a very plausible context in which there is rea-
sonable political stability. In other words, the condition is met as long as observing a particular
policy outcome does not cause a massive number of citizens to switch party allegiance.

In summary, this simple rational model easily accommodates belief structures in the popula-
tion in which partisanship, perception of quality of public services, and attribution are correlated,
even when individuals only have private signals about service quality. The key point for our pur-
poses is that the model not only rationalizes such patterns, but also constrains their sign and

relative magnitude across partisan and outcome groups and thus provides testable implications.

2.3 Does more information resolve attribution ambiguity?

Results so far assume a single round of updating with a private signal. Their implications for
learning over attribution are not encouraging as we show that partisanship induces learning
in opposite directions. However, one may conjecture that richer information on performance
can eventually lead citizens towards the true attribution. The following result establishes that,

unfortunately, this is not the case.

Proposition 4. Lett = lim, . t(n), where t(n) is the cross-sectional policy success rate of the

first n citizens. Assume that for every citizeni € % (i€ £) the likelihood ratio f5/ f} is increasing
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(decreasing). Let p°(t) = Pr;[alt] be the (asymptotic) belief over a for voter i. Then:
1. p°(t) increases int if i € X, but decreases int ifi € ZL.

2. For each i, there exist 1;(Y), with t;(Y = S) > t,(Y = F), such that they revise their
attribution in favor of their preferred candidate after learning t when their private outcome

was Y ifft > t,(Y).

This proposition contains two results. The first result demonstrates that priors affect the direc-
tion of learning even when information over performance is arbitrarily precise and public. Note
that ¢ encapsulates the population rate of service success, as the population grows large. This
result shows that providing citizens with this rate (in effect, allowing them to learn the true skill
of the responsible politician) still results in partisanship determining the direction of updating
over attribution: if the policy looks good on aggregate, people with right-wing priors (in Z) are
more likely to attribute it to R, while people with left-wing priors (in .Z’) attribute it to L. The
intuition for this non-convergence is that the econometric model that voters use is not identified
(see Acemoglu, Chernozhukov, and Yildiz, 2016): asymptotically, a citizen can rationalize any
observed rate ¢ of successes by either assigning ¢ = 1 and fz =t or a = 0 and 6 = t. However,
she will use her prior belief to infer attribution from service performance in accordance with her
partisanship. Therefore, ambiguous attribution muddles inference and prevents agreement.

This result has an empirical implication we will test experimentally: providing exogenous
directional information (i.e. a positive or a negative informational shock) on performance should
cause updating about attribution to move in opposite directions depending on partisanship.

The second result points to another empirical implication that we test. When we inform
citizens of a given partisanship of the average success rate, those who are given a positive shock

should update their beliefs on attribution in opposite direction to those who are given a negative

shock.

3 Context, Data and Experimental Design

In the rest of the paper we explore the hypotheses set out in the theory in a specific context

of multi-layered governance, Spain, and a specific policy domain, public health provision. This
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section describes the context as well as the data collection exercise.

3.1 Decentralization in Spain

Contemporaneous Spain is a decentralized country, both politically and in terms of public service
delivery. There are seventeen regional governments called Comunidades Autonomas. Among the
most important public services managed by the regional governments are education and health.
Regional governments are responsible for the day-to-day delivery of these services as well as for
specific rules, regulations, capital and labor expenditures. However, this autonomy is exercised
within the legal framework established by the central government and within funding strictures
determined by rules imposed by the center. As a consequence, there is unavoidable ambiguity
in assigning responsibility for unsatisfactory outcomes. For example, if schooling or healthcare
outcomes are regrettable, is it because of managerial incompetence of the regional government
or insufficient funding provided to the region by the central government?

From an electoral point of view, the institutional structure allows citizens to hold the two
levels of government independently accountable. This is because there are regional parliamentary
elections that are conducted separately from national level parliamentary elections.

This context therefore provides a fruitful setting to test the hypotheses detailed above. At-
tributing responsibility over public services is a genuinely difficult task as there is ambiguity built
into the institutional framework. Electoral variation means that at any point in time there are
regions which are ruled by the same coalition as the central government, and regions which are
ruled by the opposition. The effect of partisan priors on attribution should only be present in the
latter, so the former can serve as both placebo and control.'’

Regarding public services, we focus on healthcare provision. An advantage of the setting is
that, as opposed to the familiar USA context, an overwhelming majority of citizens in Spain use
the public healthcare system and thus should have direct or indirect experience of its quality

(Centro de Investigaciones Sociologicas , CIS).!* One salient and objective marker of such quality

0To be clear, residents of regions in which the regional and central governments are ruled by the same party also
face ambiguous attribution of responsibility. However, in this case there should not be a partisan dimension to how

they attribute said responsibility between regional and central government.

Consistent with this, 99% of respondents in our survey report that their health care coverage is publicly funded.
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is the length of the waiting lists to undergo an elective surgical procedure or to obtain a visit with
a specialist doctor. The number of days it takes is both an objective numerical outcome and an
unambiguous marker of quality which is often discussed in the public domain. A respondent’s

beliefs over this waiting time are therefore an object we can measure and truthfully manipulate.

3.2 Survey

The data used in this project were collected on an online survey that we ran from 10-17 July
2023. Fieldwork was conducted by data analytics firm Yougov. The sampling is designed to be
representative of the Spanish adult population according to age, gender, region of residence, and
education level. This is achieved through a quota-sampling system.

Our survey proceeds as follows:!?

1. Background Information. This includes sociodemographic questions, vote in the past re-
gional elections, and ideology on a 1-10 scale, where 1 stands for “extreme left” and 10

stands for “extreme right”.

2. Elicitation of beliefs about waiting times. Respondents are randomized into two equally

sized groups, G1 and G2:
(a) G1is asked about the average expected wait, in terms of days, for a consultation with
a specialist doctor, for instance, for cardiology, neurology, or dermatology.

(b) G2 is asked about the average expected wait, in terms of days, for an elective surgery

procedure, for instance, for cataract, inguinal hernia, or hip prosthesis.

Additionally, 23.2% report having a privately purchased health insurance policy (either individually or through a
family member), and 9.4% have one provided by their employer. Typically, when families have access to private

healthcare, they use it as a supplement, not as a substitute, to the public system.

2The design closest to ours is Martinez-Bravo and Sanz (2025), who conduct a Spanish survey experiment in
November 2020 on regional COVID-19 contact-tracer capacity: they shock respondents with the true numeric count
and measure both prior and posterior beliefs. We extend their approach to a chronically salient public service outside
a pandemic context, measure the full three-variable belief structure (partisanship, performance and attribution) and

ground the exercise in a formal model whose comparative statics we can directly test.
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3. Randomized provision of information about waiting times in the respondent’s region of

residence.!?

4. Elicitation of beliefs over responsibility attribution and over the expected wait omitted in

step 2:

(a) G1is asked about the average expected wait for an elective surgery procedure.

(b) G2 isasked about the average expected wait for a consultation with a specialist doctor.

Appendix E contains the questionnaire.

Our survey design has two advantages for measuring belief updating. First, by eliciting a pre-
treatment belief about the waiting-time dimension for which respondents subsequently receive
information, we can characterize the size and direction of the information shock at the indi-
vidual level. This allows us to distinguish respondents who receive good news from those who
receive bad news, to test heterogeneous treatment effects by prior beliefs, and to estimate learn-
ing rates: the extent to which posterior beliefs move toward the information provided. Second,
we elicit post-treatment beliefs about a closely related but distinct healthcare-performance mea-
sure. Respondents who are first asked about specialist consultations are later asked about elective
surgery, and vice versa. This follows a common recommendation in information-provision ex-
periments (Fuster et al., 2022a; Haaland et al., 2023): asking respondents to report the exact same
belief twice may confuse respondents, make the purpose of the design too transparent, or induce
consistency concerns. Asking about a related outcome avoids mechanically repeating the same
question while still allowing us to test whether information about one dimension of healthcare

quality leads respondents to revise beliefs about another dimension. The assumption is that there

13We obtain data from the Information System on Waiting Lists in the National Health System (Sistema de infor-
macion sobre listas de espera en el sistema nacional de salud) published by the Ministry for Health, version updated
on April 10, 2023. The waiting time for specialist doctors includes the following: gynecology, ophthalmology, trau-
matology, dermatology, otorhinolaryngology, neurology, general surgery, urology, gastroenterology, cardiology. The
waiting time for surgery procedures includes: cataract, inguinal/femoral hernia, hip prosthesis (or hip replacement),
arthroscopy, varicose veins of the lower limbs, cholecystectomy, hallux valgus (bunion), adeno-tonsillectomy, benign
prostatic hyperplasia, pilonidal cyst, carpal tunnel syndrome, knee prosthesis (or knee replacement), valvular heart

surgery, coronary bypass, hysterectomy.
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is an underlying common component of regional healthcare performance which is correlated

with both specialist and surgery waiting times.'*

Description of Experiment The informational treatment is as follows:'®

« Participants receive information on the official average waiting times in their region (Au-
tonomous Communities in Spain). The information they receive pertains to the beliefs they

were asked in step 2 above. Namely:

— If respondent is in G1, she receives information about official average waiting time

for a consultation with a specialist

— If respondent is in G2, she receives information about official average waiting time

for elective surgery procedures

We assign individuals to the treatment group according to a stratified randomization proce-
dure. First, individuals are classified in 204 groups or strata with similar baseline characteristics
in terms of age (3 levels: 18-35 years old, 36-50, 50+), education (2 levels: secondary schooling or
less, more than secondary schooling), region (17 levels, one per region), and ideology (2 levels:

1-4 or 5-10 on the ideology scale). Within each stratum, we randomly assign 2/3 of individuals

“We did not provide accuracy incentives for the waiting-time belief elicitations. This choice was motivated by
three considerations. First, our object of interest is respondents’ naturally held beliefs about public healthcare per-
formance, rather than their ability to search for official statistics during the survey. Because regional waiting-time
statistics are publicly available online, accuracy incentives could have encouraged respondents to look up the correct
answer, thereby changing the informational environment we aim to study. Second, incentive schemes for quantita-
tive belief elicitation can be difficult to explain in a short online survey and may themselves generate confusion or
additional measurement error. Third, existing evidence suggests that incentives often have limited effects on belief
reports in non-political forecasting domains, even though they can matter in settings with strong expressive or par-
tisan motives. For these reasons, and to keep the belief elicitation simple and comparable across respondents, we

elicited beliefs without accuracy incentives.

B The experiment includes two variants of treatment. Specifically, half of the treatment group receives, in addition
to the information described here, information about how the relevant waiting time in their region ranks among all
regions in Spain. As shown in Section 5.4, we do not find any statistically relevant effect of this additional information

and thus, for the purposes of this article, we collapse the two variations into a single treatment group.
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to treatment and 1/3 to control. Subgroups G1 and G2, which determine question ordering, are
evenly split across both the treatment and control arms.®

Our initial sample covers 4,620 individuals. Following our pre-analysis plan, we drop indi-
viduals who did not pass the attention check (555 observations) or completed the questionnaire
in less than 11 minutes (207 additional observations). We also drop one observation with a very

large outlier in waiting time beliefs. Our final sample contains 3,857 observations.

3.3 Empirical Implementation of Theoretical Concepts

Our theoretical predictions pertain to the population correlations across three objects: partisan-
ship, assessment of quality of public services, and attribution of responsibility over said public
services. We now detail how we map the variables measured in the survey to the theoretical

objects of interest.

Partisanship Spain has a complex multiparty landscape both at the regional and the national
level. At the same time, these parties’ ideological affinities result in predictable parliamentary
coalitions which give support to government formation at both levels. We classify parties in terms
of their presence in the national and regional governments as well as their votes in government

formation, and we classify voters in terms of their reported votes for parties. More specifically:

« We define as Left parties (L in the model) the parties which are in control of the central

government.

+ We define a region as a united region if one or more of the Left parties is in the ruling

coalition of the regional government.

« We define a region as a divided region if none of the Left parties is in the ruling coalition
of the regional government. Divided regions are Andalusia, Castile and Leon, Catalonia,

Madrid, Galicia, and Murcia—see Table C.1 for further details.

18Qur experimental design was pre-specified in a pre-analysis plan (PaP) that we registered with the AEA Ran-
domized Control Trial Registry on 7 July 2023 (AEARCTR-0011740) - see Appendix D for further details. We also
obtained approval from the ethics committee at CEMFI for the survey and experimental design (Application Refer-

ence Number 3; Approval date: 18 June 2023).
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« In divided regions, a voter is right-wing (E;[0r — 6,] > 0) if in the previous regional
elections she voted for one of the parties that voted “yes” to the investiture of the regional
government. She is left-wing otherwise. Table C.1 shows the list of parties. Alternative
classifications based on which parties are part of the regional executive, or which party has

the regional presidency, yield very similar results.

« In united regions, a voter is left-wing (E;[/r—6,] < 0) if she voted for one of the parties that

voted “yes” to the investiture of her regional government, and she is right-wing otherwise.

« Following our pre-analysis plan, for individuals with missing past regional vote informa-
tion, we use ideological placement on a 1-10 scale, where 1 is extreme left and 10 is extreme

right. We code a respondent as right-wing if she positions herself at 5 or above.!”

Experience with Public Services We measure assessment Y; with a respondent’s belief over
waiting time. Respondents are asked to input a specific number of days which they expect it takes
on average to be attended in their region of residence. We discretize this variable to align it with
the theory. More specifically, we code those subjects who predict a longer waiting time than the
official average waiting time in their region as having experienced Y; = F'. We call them bad-
assessment respondents. Those who predict shorter waiting times than the official average waiting
time in their region we code as Y; = S and call them good-assessment respondents. Classifying
respondents relative to the official average waiting time ensures variation in each region and also
links these categories directly with the direction of experimental treatment: by definition, bad-
assessment respondents receive a positive informational shock in the experimental arm, while

good-assessment respondents receive a negative informational shock.'®

7In Subsection 5.4, we provide evidence that our results are qualitatively robust when we define partisanship

based exclusively either on ideological placement or on past vote.
18 All our results are robust to using other criteria to split the sample between good- and bad-assessment respon-

dents. We consider four alternative definitions. First, we classify a respondent as having a good assessment if he or
she is below the median belief, regardless of official average waiting time. Second, we split respondents using a me-
dian belief which is defined separately for each combination of region and individual’s ideology. Third, we consider
a respondent as good assessment if he or she is below the median in the difference between the stated belief and
their ideal waiting time, which we also elicit in the survey. Finally, we consider the continuous variable, defined as

the standardized difference in Official Waiting Time - Believed Waiting Time. Please see Subsection 5.4
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Attribution of Responsibility We measure attribution as the respondents’ answer to “which
layer of government do you believe is more responsible for the quality of public healthcare?”.
Respondents can choose a number on a scale from -10 to 10 where -10 indicates “all responsi-
bility lies with the central government” and 10 indicates “all responsibility lies with the regional
government.”

As indicated in Table C.2 in the Appendix, our sample closely mirrors the Spanish population
in terms of demographic characteristics. The main exception is education: as is common in survey
samples, our respondents are more highly educated than the population overall. Appendix Table

C.3 shows the summary statistics of our main variables.

4 Empirical Strategy

Our empirical goal is to map the theory’s predictions into a set of estimable sign restrictions.

4.1 Population Correlations

The hypotheses generated by Corollary 1 point us to compare mean attribution beliefs across four
groups defined by partisanship (left-wing or right-wing) and assessment (good or bad), measured
by beliefs over quality of healthcare. These predictions, of course, only apply to respondents in
divided regions. A simple fixed effects regression on data from these regions allows us to recover

these means:

P, = ap+ a10; + % + a3Ox%; + ¢4 + ;. (4)

In this specification, an individual’s attribution of responsibility over healthcare to the re-
gional government, P, is a function of her partisanship, where %; = 1 if the voter is right-wing,
and her belief over the length of waiting lines, where O; = 1 if the voter has a good assessment.
In addition, we consider region g effects to make sure we are comparing individuals within a

region.
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This specification allows us to test the theoretical hypotheses as follows.

H : ayp <0
H, : a1 +a3 >0
Hs - ag <0
Hy g+ a3 >0

Hs : ag >0

These restrictions all come from the same underlying pattern in the theory. H;, for example,
corresponds to the prediction that among left-wing citizens, those who have a good assessment
O; = 1 should be less likely to attribute healthcare to the regional, Right government than those
who have a bad assessment O; = 0. It is immediate to verify that H; and H, correspond to
the predictions of Corollary 1 that condition on partisanship and compare across assessment,
while H3 and H, correspond to the predictions of Corollary 1 that condition on assessment and
compare across partisanship.

As these estimates are simple differences across groups, if there are any reasons outside the
model why respondents in one of the four groups systematically differ from those in other groups,
our estimates will be confounded. One plausible scenario is that u; = (4 + (o + ¢; where (4 and
Co may be different from 0. For instance, one plausible conjecture is that (4 < 0: in the case of
Spain, due to historical reasons, right-wing individuals have a stronger normative belief on the
role of the central government which may likely spill over to their factual beliefs. Similarly, there
could be partisan differences in the rate of survey response which cause a level difference. It is
easy to see that this would bias the tests for H3 and H, as they compare across partisan lines.
Or if good-assessment individuals systematically differ from bad-assessment individuals, (o # 0,
the proposed tests of H; and H are suspect. This is the reason why we state Hs: as this test is
equivalent to a difference in differences estimator, it absorbs these level biases. Therefore, while
Hj does not have independent theoretical content, obtaining a3 < 0 would falsify the model.

We summarize the predictions of the model in Table 1.

We also present estimates of regression (4) for united regions. Theory predicts no particular
partisan pattern in this case, and hence we can interpret these results as an appropriate placebo

test of our theory. In addition, note that united regions can provide independent evidence that
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Table 1

Model Predictions in Divided Regions: Observational

Left-wing  Right-wing

Bad Assessment  Regional (+) Central (—) | H3 <0

Good Assessment Central (—) Regional (+) | Hy >0

H, <0 Hy; >0 H5>0

Notes: Summary of the sign restrictions for divided regions implied by Corollary 1. A region is classified as “divided” if none of the parties in
the central government coalition participates in the regional government coalition; see Table C.1 for a list of divided regions. “Left-wing” and
“Right-wing” refer to respondents’ partisan affiliation based on past regional vote or ideological self-placement. “Bad Assessment” and “Good
Assessment” indicate whether respondents’ prior beliefs about waiting times exceed or fall below the official regional average, respectively. Cell
entries indicate the predicted direction of attribution in divided regions: “Regional” means responsibility is attributed to the regional government,
while “Central” means responsibility is attributed to the central government. Signs indicate the predicted direction of the corresponding hypoth-

esis test.

C# # 0 or (o # 0. Accordingly, we can use united regions as controls for divided regions
following a triple difference specification which should purge our estimates of these group-level

effects assuming they are constant across regions."

YMore specifically, we run the following triple difference specification:

Po= B
+610; + BoZ;i + B30 x%;
+54Dig + B5OiXDig + Bﬁe%iXDq;g + B7OiX<@7;xDig

+¢g + Uy, (5)

where D;, is a dummy that indicates that respondent ¢ resides in a region g which is divided. Note that, since
D4 varies only at the region level, its main effect is absorbed by the region fixed effects and is therefore omitted
from estimation. An additional advantage of this specification is that group estimate differences would be correctly
estimated under the weaker assumption u; = (¢ p + (z0 + (zp + (0 + €; provided the group-level biases are

common across regions.
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4.2 Informational Treatment Effects

In the experimental treatment, we reveal official information about performance that affects good
assessment and bad assessment individuals in opposite directions. Good assessment individu-
als learn that real waiting lines are longer than their estimates, while bad assessment individ-
uals learn the opposite. Thus, bad-assessment respondents receive good news, whereas good-
assessment respondents receive bad news. There are two sets of theory-driven hypotheses that
apply here.

First, Proposition 1 describes the direction of update on attribution as a function of partisan-
ship and whether the news is good or bad. In particular, in divided regions, right-wing partisans
who receive good news should update attribution towards the regional government (run by the
Right party), while those who receive bad news should update in the opposite direction. The
opposite is true for left-wing partisans.

Using only data from divided regions, we can thus obtain the treatment effect in each of the

four groups running the following specification:

P = 7+ 70 + 2% + 1:0:x%;
+9Ti + 10T + v ZixT; + 17Ox X1,

+¢g + Uy, (6)

where T; denotes whether subject ¢ received the informational treatment. The coeflicients

from this specification induce the following tests

HT,: 4 <0
HTy: v+ >0
HTs; - Y4+ v >0
HTy: v+ -+ +77 <0.
(7)

These correspond to the treatment-effect predictions implied by Proposition 1.
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We can, in addition, derive predictions from Proposition 4, which pertain to particular pairs
of groups updating in opposite directions. For example, upon receiving the same news (good or
bad) left-wing and right-wing partisans should update over attribution in opposite directions.

More specifically, the hypotheses derived from Proposition 4 imply the following empirical
implications HE; — H Es:

HE,: v >0
HEy: v +77 <0
HEs: >0
HE, : Y6 + 17 <0
HEs: ~5 <0.

For example, H F5 tests whether upon receiving good news, the gap in responsibility assign-
ment to the regional government between right-wing and left-wing citizens increases. These in-
dependently derived predictions from Proposition 4 have an added advantage over H17; — HT}:
they are more empirically resilient to group-level unmodeled idiosyncrasies in updating.”® In
identical fashion as in the previous subsection, H F;5 provides an additional falsification test.

As before, we will also show the outcome of applying this specification on united regions
data, where our theory does not predict these particular sign restrictions as partisanship should
not affect updating. United regions thus constitute a good placebo for our predicted information
experimental effects.

Finally, for consistency, we also show the results of the fourth-difference specification where
we look at the difference in treatment effects between divided and united regions. This specifica-
tion requires that group-level idiosyncrasies in updating are common across regions, which is a
somewhat stronger assumption than the bias in levels we consider in the previous subsection.*

All specifications shown below include, in addition, region fixed effects. In robustness tests,
we also consider specifications with the following controls: age group dummies, education dum-

mies, female, an indicator for having kids, living in a rural municipality, and work status (worker,

2We discuss this robustness in Appendix B.
21To be precise, we estimate the fourth-difference specification:
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Table 2

Model Predictions in Divided Regions: Experimental

Left Right
Central Regional
Good News HE3 >0
(HT1<0) (HT3>0)
Regional Central
Bad News HE4 <0

(HT2 > 0) (HT4 < 0)

HE1>0 HE2<0 |HE5<0

Notes: Summary of the sign predictions for divided regions derived from Proposition 1 and Proposition 4. A region is classified as “divided” if
none of the parties in the central government coalition participates in the regional government coalition; see Table C.1 for a list of divided regions.
“Left-wing” and “Right-wing” refer to respondents’ partisan affiliation based on past regional vote or ideological self-placement. “Good News”
and “Bad News” indicate whether the information treatment provides favorable or unfavorable news about waiting times relative to respondents’

prior beliefs. Signs indicate the predicted direction of the corresponding hypothesis test.

student, retired).

+010; + 0o%Z; + 030;x%;

+04T; + 650;xXT; + 66 Z;XT; + 670, x%;xT;

+65Dyy

+890ixDiy + 610%:Dyy + 61105x%ixDig

+012T5xD;g 4 0130;xT5xD;g + 614%;xTixDjg + 0150;xZ;xTix Dy

+¢g + U (8)
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5 Results

5.1 Do Individuals Have Accurate Information on Waiting Times?

We begin by describing how well citizens understand the performance of the public health system.
To do so, we analyze the distribution of subjects’ beliefs on waiting times, in Panel A of Figure 1.
Beliefs among the control group, depicted in red, range from 0 to approximately 1000 days, with
most responses in the interval between 0 and 300 days, and a clear right-skewed distribution with
a peak around 50-100 days. In black we show the official average waiting time by region. The
official waiting time distribution is much tighter, with a pronounced mode around 100 days, thus
revealing substantial misperception.

To visualize the magnitude of these misperceptions, for each individual, we compute the dif-
ference between the official waiting time in their region and their priors, and we display the
distribution of these differences in Panel B of Figure 1. Based on this figure, 60% of respondents
can be classified as bad-assessment respondents; these respondents overestimate the time they
would need to wait for medical services in their region. This overestimation is visible in the ex-
tended right tail of the red distribution in Panel A, where prior beliefs stretch well beyond the
official waiting times shown in black. Conversely, 40% of respondents are “good assessment”
who underestimate waiting times. This is evident in the left portion of Panel A, where some

respondents anticipated shorter waiting times than the official average.
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Figure 1: Distribution of Waiting Times
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Notes: Panel A displays the distribution of respondents’ prior beliefs about waiting times and official
regional waiting times for specialist consultations and elective surgery procedures in days. Panel B dis-
plays the distribution of the difference between official waiting times and respondents’ prior beliefs.
Respondents are classified as “bad assessment” if they overestimate waiting times relative to the official
regional average and as “good assessment” otherwise. Sample restricted to control group respondents
(N = 1,274). Official waiting times are from the Information System on Waiting Lists in the National
Health System (Sistema de Informacion sobre Listas de Espera en el Sistema Nacional de Salud), Ministry

of Health, April 2023.

The magnitude of misperception is substantial: approximately 20% of respondents hold beliefs
that deviate from the official figure by more than one standard deviation, indicating significant
variation in beliefs over the healthcare system’s efficiency. The presence of a long right tail also
indicates that a subset of respondents holds particularly bad-assessment views about waiting
times, expecting delays far longer than the official average.

These findings suggest that public perceptions of healthcare waiting times are characterized
by substantial noise, consistent with people’s fundamental ignorance of public health perfor-
mance, despite the availability of official waiting time statistics in Spain.

Particularly germane to our analysis below, the figure makes clear that official regional wait-

ing times explain a small amount of individual variation in beliefs. In particular, it turns out less
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than 2% of individual belief variation is absorbed by the official waiting time.? Similarly, parti-
sanship and region together explain less than 6% of the variation.® In practice, this means that
we have enough individual variation to test the prediction of the model: the four groups defined

by partisanship crossed with assessment are fully populated in each of the regions.

5.2 The Structure of Beliefs

We next move to investigate how individuals attribute responsibility for the quality of public
healthcare in Spain. We start by focusing on individuals who do not receive any exogenous
information shock to their priors, that is, the 1274 individuals who were randomly assigned to

the control group in our experiment.

5.2.1 Descriptive patterns

In Panel A of Figure 2, we plot the distribution of respondents’ beliefs about the legal attribution of
responsibility for healthcare. More specifically, the question asked is "Which public administra-
tion has authority over public healthcare provision?” and respondents are given five options: mu-
nicipality, region, central government, European Union or "I don’t know.” The Figure shows a high
degree of knowledge over the institutional allocation of responsibility, with approximately 60%
of respondents who correctly identify that regions are legally responsible for managing health-
care services in Spain. Among the remaining respondents, 13% expressed uncertainty, and only
28% mistakenly attributed competence to the wrong government level. In short, citizens have a
reasonably accurate grasp of the de jure allocation of responsibility.

In Panel B, we plot the distribution of respondents’ beliefs about political responsibility for
the quality of healthcare. As noted, the question asked is "Which layer of government do you
believe is most responsible for the quality of public healthcare services?” and respondents choose
a number on a scale from -10 to 10 where -10 indicates “all responsibility lies with the central

government” and 10 indicates “all responsibility lies with the regional government.” Here, a more

2The R? of a regression predicting control group individual beliefs with regional official waiting times is 0.014.

Details available from the authors.
#The R? of a regression predicting control group individual beliefs with region-party fixed effects is 0.056. Details

available from the authors.
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complex picture emerges: only 36% of respondents give a value of 5 or higher, which denotes most
responsibility lies with the regional government. 22% answer with a value of -5 or lower, indicat-
ing Central Government responsibility and 11% viewed the central and regional governments as

exactly equally responsible. Two points are worth noting here.
Figure 2: Distribution of Attribution of Responsibility

Panel A: Legal Responsibility Panel B: Political Responsibility
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Notes: Panel A displays the distribution of respondents’ beliefs about legal (de jure) responsibility for
healthcare management across levels of government. Panel B displays the distribution of respondents’
beliefs about political responsibility for healthcare quality, measured on a scale from —10 (central gov-
ernment fully responsible) to +10 (regional government fully responsible). Sample restricted to control

group respondents (N = 1,274).

First, respondents seem to have a different understanding of the concept of "legal authority”
and the concept of "actual responsibility.” This makes sense, as the legal framework in Spain is
unambiguous in assigning healthcare to the regions. However, the fact that funding and frame-
work laws within which this authority is exercised are decided by the Central government injects
unavoidable ambiguity over who should be held accountable for failures. In any case, legal attri-
bution is not treated by respondents as the ground truth of responsibility. This difference makes
it hard to interpret studies of institutional ambiguity that inform respondents about which level

of government is responsible.?*

24Several studies experimentally manipulate responsibility attribution, for example by providing institutional re-

sponsibility cues or correcting respondents’ beliefs about which level of government is formally responsible; see
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Second, the distribution of beliefs over attribution displays a huge amount of variation. The
standard deviation of this variable among respondents in the control group is 6.29 when the vari-
able is capped by construction on a range of 21 units. There is therefore a lot of noise among
people’s appreciation of responsibility despite the fact that all citizens live under uniform insti-
tutional rules.

These descriptive patterns already highlight the central empirical phenomenon our model is
built to explain: despite reasonable knowledge of formal rules, there is substantial heterogene-
ity in how citizens attribute responsibility for performance across levels of government. This

ambiguity is the backdrop against which partisan priors about competence can operate.

5.2.2 Testing the cross-sectional hypotheses

We now turn to testing our hypotheses H; — Hs, derived from Corollary 1. Recall that Table 1
summarizes the predictions. The key objects are (i) respondents’ ideology or partisanship (left
versus right) and (ii) whether their priors classify them as having a good or bad assessment about
waiting times.

Before presenting the formal tests, Figure 3 provides a graphical representation of the patterns
we expect to observe in the population.?® The figure plots respondents’ attribution of responsibil-
ity to the regional government against the difference between official regional waiting times and
respondents’ prior beliefs. Therefore, as we move along the horizontal axis, respondents have
a better assessment of healthcare performance. Panel A shows the relationship between assess-
ment and attribution in divided regions. This relationship differs sharply by partisanship: among
left-wing respondents, the fitted line slopes downward (i.e. the better they believe healthcare is,
the lower their belief that the regional government is responsible for healthcare) whereas among
right-wing respondents it slopes upward (i.e. the better they believe healthcare is, the higher their

belief that the regional government is responsible for healthcare). This opposite partisan pattern

Tilley and Hobolt (2011), Malhotra and Kuo (2008), Leén and Orriols (2019), Fernandez-Albertos et al. (2013), and
Capezzone et al. (2026). Our evidence suggests that, in multilayer settings, such corrections should not be interpreted
as revealing a unique ground truth of political accountability, since citizens may distinguish formal legal authority

from actual responsibility for outcomes.

#To limit the impact of extreme belief reports, in all figures the variables are winsorized at the 1st and 99th

percentiles.
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of attribution is precisely what the model predicts when responsibility is politically ambiguous.
Panel B shows the corresponding pattern in united regions, where the same political bloc con-
trols both levels of government. In this case, the crossed pattern is absent: both lines are flatter
and, if anything, left-wing respondents attribute more responsibility to the regional government
as their assessment of quality increases. The contrast between the two panels therefore previews
the formal tests below. The empirical prediction is not simply that performance beliefs should
correlate with attribution, but that this relationship should be structured by partisan priors only

when institutional responsibility is politically ambiguous.

Figure 3: Performance Beliefs and Responsibility Attribution
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Notes: The figure plots respondents’ attribution of responsibility to the regional government against the
difference between official regional waiting times and respondents’ prior beliefs using binned scatter-
plots. The vertical axis is respondents’ belief about political responsibility for healthcare quality, mea-
sured on a scale from —10 to 10, where higher values indicate greater responsibility attributed to the
regional government. The horizontal axis is official waiting time minus the respondent’s prior belief.
Positive values indicate that official waiting times are longer than the respondent believed, while neg-
ative values indicate that official waiting times are shorter than the respondent believed. The sample is
restricted to control group respondents. Linear fits are shown separately for left-wing and right-wing
respondents. A region is classified as “divided” if none of the parties in the central government coalition
participates in the regional government coalition, and as “united” otherwise; see Table C.1 for the classi-

fication of regions.

Turning to the formal tests, Table 3 shows the results in compact form as in Table 1. We dis-
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play the statistic, as well as the corresponding one-sided p-value for the null that the coefficient
is zero or has the sign opposite to the theoretical prediction. These statistics are derived from the
estimation of equation (4) with data from divided regions —for the full regression details, please
see column (1) of Table C.4 in the Appendix. Results for H;, H; and H3 confirm the model’s pre-
dictions, all having the expected sign and being statistically significant at the 1% level (3) or at
the 5% level (H; and H>). For example, the coefficient on H; indicates that, on a scale from -10 to
10, left-wing good-assessment individuals attribute 1.09 points less responsibility to the regional
government than left-wing bad-assessment individuals. The coefficient for H3 is much larger,
indicating that among bad-assessment, right-wing individuals attribute almost 4 points more re-
sponsibility to the central government than left-wing individuals. Recalling that the standard

deviation of attribution is 6.29, these are economically as well as statistically significant results.

Table 3

Results in Divided Regions: Observational Evidence

Left-wing  Right-wing

—3.83"
Bad Assessment  Regional (+) Central (—)
(0.00)
—1.05
Good Assessment Central (—) Regional (+)
(0.94)
—1.09** 1.69* 2.78"
(0.03) (0.01) (0.00)

Notes: Entries report the relevant combinations of coefficient estimates testing hypotheses H1-H5 as defined in Table 1, with one-sided p-
values in parentheses. Appendix Table C.4 reports the full set of estimated regression coefficients and standard errors. The model is estimated
using equation (4). The sample is restricted to control group respondents in divided regions (N = 819). A region is classified as “divided”
if none of the parties in the central government coalition participates in the regional government coalition; see Table C.1 for a list of divided
regions. “Left-wing” and “Right-wing” refer to respondents’ partisan affiliation based on past regional vote or ideological self-placement. “Bad
Assessment” and “Good Assessment” indicate whether respondents’ prior beliefs about waiting times exceed or fall below the official regional
average, respectively. “Regional” means responsibility is attributed to the regional government, while “Central” means responsibility is attributed

to the central government. All specifications include region fixed effects. Significance levels: *p < 0.10, **p < 0.05, ***p < 0.01.

The coefficient on H, is non-significant and has a negative sign, which runs contrary to our

hypothesis. This result would suggest that, if anything, right-wing good-assessment individuals
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attribute less responsibility to the regional government than left-wing good-assessment individ-
uals. One possible explanation for this anomaly is that right-wing individuals have a stronger
normative belief on the role of the central government which may spill over on their factual
beliefs. We have an inkling of this in Figure 3, as for both panels the line for Right-wing is sys-
tematically below the line for Left-wing voters. If such a partisan bias is present, as discussed in
Section 4, the coeflicient for Hs should also be biased in the same direction, but the coefficient
for Hs, which is the difference between H, and H; should be correct. Indeed, Table 3 shows that
Hj is positive as predicted and statistically significant at the 1% level.

Overall, these descriptive results already display a clear pattern: attribution of responsibility
in divided regions is strongly structured by the interaction of ideology and perceived performance
in the way the theory predicts. These relationships are not mechanical consequences of formal
responsibility or simple region-level confounders; they emerge after conditioning on region fixed
effects and a rich set of controls.

To further bolster our interpretation of these results as supporting the theory, we repeat the
same analysis in “united” regions, where the same political bloc controls both the central and
regional governments. In these regions, the partisan updating we emphasize in the model cannot
be present regardless of how responsibility is allocated across levels. They thus constitute valid
placebos for our theory. Table 4 shows the results—for the full version, see column (2) of Appendix
Table C.4. Consistent with the model, the partisan-performance structure in attribution is much
weaker or entirely absent in united regions, as foreshadowed in Figure 3, Panel B: four of the
five coefficients are insignificant and most have the wrong sign. Furthermore, the results suggest
that, also in this subsample, right individuals systematically attribute more responsibility to the
central government than left individuals.?® This is consistent with (5, < 0 and suggests that the
test statistics for both H3 and H, are biased downwards in Table 3.

Finally, we use united regions as a control group, estimating the triple difference model given
by equation (5). As discussed in Section 4, this allows us to estimate the hypotheses H; — —Hj;
allowing for group-level confounders. Table 5 shows the results—for the full version, see column
(3) of Appendix Table C.4. All the coefficients have signs consistent with our predictions, with

the differences between divided and united regions in the key interaction terms precisely esti-

%6The coefficients are quantitatively sizable, at (-1.77) and (-2.36).
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Table 4

Results in United Regions: Observational Evidence

Left-wing Right-wing

177
(0.01)

Bad Assessment ? ?

—2.36
Good Assessment ? ?

(0.99)

0.98 0.39 —0.60
(0.89) (0.33) (0.69)

Notes: Entries report the relevant combinations of coefficient estimates testing the same H1-H5 hypotheses as in Table 3, with one-sided p-values
in parentheses. Appendix Table C.4 reports the full set of estimated regression coefficients and standard errors. The model is estimated using
equation (4). The sample is restricted to control group respondents in united regions (N = 434). A region is classified as “united” if at least one of
the parties in the central government coalition participates in the regional government coalition; see Table C.1 for a list of united regions. “Left-
wing” and “Right-wing” refer to respondents’ partisan affiliation based on past regional vote or ideological self-placement. “Bad Assessment” and
“Good Assessment” indicate whether respondents’ prior beliefs about waiting times exceed or fall below the official regional average, respectively.

All specifications include region fixed effects. Significance levels: *p < 0.10, **p < 0.05, ***p < 0.01.
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mated and matching the sign restrictions implied by the theory. In particular, for H; and Hs,
the coeflicients are statistically significant at the 5% level, and for Hj the coefficient is significant
at the 1% level. The coefficients for H, and H, fall slightly short of significance at conventional

levels (p-value of 0.12) but the magnitudes are sizable (1.30 and 1.31, respectively).

Table 5

Divided Regions Controlling for United: Observational Evidence

Left-wing  Right-wing

—2.06"*
Bad Assessment  Regional (+) Central (—)
(0.01)
1.31
Good Assessment Central (—) Regional (+)
(0.12)
—2.07* 1.30 3.37
(0.02) (0.12) (0.01)

Notes: Entries report the relevant combinations of coefficient estimates testing the same H1-H5 hypotheses as in Table 3, with one-sided p-values
in parentheses. Appendix Table C.4 reports the full set of estimated regression coefficients and standard errors. The model is estimated using
equation (5). N = 1,253. A region is classified as “divided” if none of the parties in the central government coalition participates in the regional
government coalition, and as “united” otherwise; see Table C.1 for the classification of regions. “Left-wing” and “Right-wing” refer to respon-
dents’ partisan affiliation based on past regional vote or ideological self-placement. “Bad Assessment” and “Good Assessment” indicate whether
respondents’ prior beliefs about waiting times exceed or fall below the official regional average, respectively. “Regional” means responsibility is
attributed to the regional government, while “Central” means responsibility is attributed to the central government. All specifications include

region fixed effects. Significance levels: *p < 0.10, **p < 0.05, ***p < 0.01.

This comparison strengthens the interpretation that the patterns we uncover in divided re-
gions arise from attribution ambiguity interacting with partisan priors, rather than from broader
ideological differences in how citizens interpret any political information. The magnitude of these
differences, ranging between 1.3 and 2 points is remarkable against a standard deviation of attri-
bution of 6.29.

One possible threat to interpreting these correlations is the demographic balance across groups.
For example, if for some reason good-assessment individuals tended to be more educated, then
results could simply reflect this omitted variable. In Section 5.4 we show that groups are balanced

across all demographic characteristics we measure.

39



Finally, it is worth noting that in Appendix Table C.5 we present the results of running speci-
fication (4) and (5) using de jure responsibility as a dependent variable. No differences emerge as
significant with the exception of the aforementioned fact that right-wing citizens systematically
assign more responsibility to the central government. This lends additional support to the idea
that citizens indeed think of legal and actual responsibilities as different objects, and that our

model rightly operates only in the actual domain.

5.3 Informational Treatment

We now turn our attention to the informational treatment. As explained in Section 4, our experi-
ment allows us to shock priors exogenously and thus test directly theoretical predictions derived
from Propositions 1 and 4. The experiment also serves another purpose: while our theoretical
approach derives beliefs on attribution from partisanship and beliefs on performance, the causal
chain could plausibly go in the opposite direction. In a “partisan cheerleading” framework, for
example, respondents answer performance questions as a function of their partisanship and be-
liefs over attribution.?’” For example, a right-wing voter who believes healthcare is the purview
of the regional government ruled by Right, may as a consequence say that the waiting lists are
short as a way of showing partisan support. This mechanism would generate correlations similar
to what we predict and show in the cross-sectional results. By exogenously shocking beliefs on
performance, we can ensure that in the causal chain attribution beliefs are an outcome and not a

cause.

Learning and Belief Updating We begin by studying how respondents update their beliefs
about waiting times when exposed to accurate, region-specific information. Recall that each
respondent is asked for two waiting times (either specialist consultations or elective surgery)
sequentially. Treated respondents are informed about the official regional waiting time relevant
to the question they were first asked prior to being asked about the other waiting times. More
specifically, half of treated respondents are asked first about their belief over the waiting time
to visit with a medical specialist, then they are told the official regional average waiting time to

visit with a medical specialist, and afterwards they are asked about their belief over the waiting

27See Bullock et al. (2015).
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time to undergo elective surgery. The other half of treated respondents are subject to the opposite
sequence: asked about surgery, told about official waiting time for surgery, and then asked about
specialist visit. This allows us to have a prior over waiting times (the answer to the first question)
and a posterior over waiting times (the answer to the second question) under the assumption that
citizens believe that there is a common component of healthcare quality driving both.

In the control group, we asked beliefs over both waiting times as well, sequentially. The
difference with the treatment group is that we did not reveal any additional information between
the two questions. In what follows, we treat the first answer as a prior and second as a posterior
even though there is no treatment between the two.

Figure 4 displays the first-stage relationship graphically for treated respondents. The hori-
zontal axis is the gap between the official regional waiting time and the respondent’s prior belief,
so positive values correspond to bad news and negative values to good news. The vertical axis
is belief updating, defined as the posterior minus the prior. In all four panels, the slope is pos-
itive and close to the 45-degree line: respondents who learn that waiting times are longer than
they expected revise their beliefs upward, while respondents who learn that waiting times are
shorter than they expected revise their beliefs downward. Those who were farther from the of-
ficial number in either direction, update more.”® The pattern is very similar across united and
divided regions and across left- and right-wing respondents. This indicates that the information
treatment is understood, credible, and salient, and that respondents update their beliefs about
healthcare performance in the expected direction.

Table 6 quantifies this learning using the standard learning-rate approach in information-
provision experiments (Haaland et al., 2023).?* The control group here is important for inter-
pretation. In divided regions, control respondents exhibit a positive relationship between the
official-prior gap and subsequent belief revision, with a coefficient of 0.49. Since these respon-
dents receive no information between the two belief elicitations, this coeflicient should not be

interpreted as learning from treatment. Rather, it is a placebo updating benchmark. It may reflect

Z8These patterns are all consistent with classical Bayesian learning.
#The dependent variable is belief updating, defined as the posterior belief minus the prior belief, and the key

explanatory variable is the gap between the official regional waiting time and the respondent’s prior belief. A slope
of one would correspond to full pass-through from the signal to the posterior belief, while a slope of zero would

indicate no updating.
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several forces: respondents may think more carefully about healthcare waiting times after the
first elicitation, correct an initial typo or noisy response, display mechanical consistency across
the two waiting-time measures, or report beliefs that share a common perceived component of
regional healthcare quality across specialist consultations and elective surgery. The treatment ef-
fect should therefore be read as the additional movement toward the official waiting time relative
to this control-group benchmark. In divided regions, treated respondents have a raw learning
slope of 0.84. Netting out the baseline relationship observed in the control group, the treatment
causes respondents to rationally update their beliefs by an additional 35 percentage points.

The same first-stage pattern appears in united regions. In the treatment-versus-control speci-
fication, the control-group slope is 0.41 and the coefficient on Treatment x Bad-news gap is 0.38,
implying a treated-group slope of approximately 0.79. Thus, the magnitude of learning is very
similar in divided and united regions. Importantly, there is little evidence that this first-stage up-
dating differs by partisanship. The interaction between Right-wing respondent and the bad-news
gap is small in both the control and treated split-sample specifications, and the triple interac-
tion Right-wing respondent x Treatment x Bad-news gap is close to zero in both divided and
united regions. In other words, respondents update strongly on performance information, but
this updating about waiting times themselves is not meaningfully partisan.

These magnitudes are well within the range of learning rates documented in prior information-
provision experiments. The conservative net learning rates of 0.35-0.38 are close to existing
estimates such as those for house prices and inflation expectations (Cavallo et al., 2017; Fuster
et al., 2022b), while the raw treated slopes are at the high end of the literature and compara-
ble to estimates from settings with highly salient or tailored quantitative information (Bottan
and Perez-Truglia, 2022). This is plausible in our context because the treatment provides official,
region-specific, numerical information about a concrete public-service outcome.

Overall, these results support the model’s premise that citizens can process precise perfor-
mance information. Respondents are not simply stuck with their priors, nor do they refuse to
revise beliefs when the signal is politically inconvenient. The key question for the theory is there-
fore not whether citizens learn about performance, but how this performance learning maps into

attribution of responsibility when responsibility is ambiguous.
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Figure 4: Learning and Belief Updating upon Treatment
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Notes: Binned scatterplots of belief updating (posterior minus prior) against the gap between official and prior waiting times, separately by region

type (united vs. divided) and voter ideology (left-wing vs. right-wing). The solid red line shows the linear fit; the dashed 45-degree line indicates

perfect updating to the official waiting time. A slope of one would indicate that respondents fully incorporate the new information. Sample

restricted to treated respondents (N = 2,583). A region is classified as “divided” if none of the parties in the central government coalition

participates in the regional government coalition, and as “united” otherwise; see Table C.1 for the classification of regions. “Left-wing” and

“Right-wing” refer to respondents’ partisan affiliation based on past regional vote or ideological self-placement.
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Table 6

Learning and Belief Updating upon Treatment

Control, Divided Treated, Divided Treatment vs. Control, Divided Treatment vs. Control, United

) @) ®3) @

Right-wing Voter -5.51 1.25 -5.62 -11.04**
(4.73) (3.33) (4.58) (6.61)

Bad-news gap (Official — Prior) 0.49*** 0.84™** 0.49*** 0.41***
(0.05) (0.03) (0.05) (0.06)
Right-wing Voter x Bad-news gap -0.04 -0.03 -0.04 -0.00
(0.08) (0.06) (0.08) (0.09)
Treatment 3.51 -6.97
(3.94) (6.12)

Right-wing Voter x Treatment 6.88 15.10™"
(5.59) (8.19)

Treatment x Bad-news gap 0.35"* 0.38"**
(0.06) (0.08)
Right-wing Voter x Treatment x Bad-news gap 0.01 0.02
(0.10) (0.12)

Constant 4.67* 7.87 4.48" 1717
(3.38) (2.01) (3.36) (5.01)
Observations 819 1666 2485 1321
R? 0.29 0.57 0.50 0.48

Notes: The dependent variable is the difference between posterior and prior beliefs about waiting times (in days). Column 1 reports estimates for control group respondents in divided
regions. Column 2 reports estimates for treated respondents in divided regions. Column 3 reports treatment vs. control estimates for all respondents in divided regions. Column 4
reports treatment vs. control estimates for all respondents in united regions. A region is classified as “divided” if none of the parties in the central government coalition participates
in the regional government coalition, and as “united” otherwise; see Table C.1 for the classification of regions. “Left-wing” and “Right-wing” refer to respondents’ partisan affiliation
based on past regional vote or ideological self-placement. “Bad Assessment” and “Good Assessment” indicate whether respondents’ prior beliefs about waiting times exceed or fall
below the official regional average, respectively. All specifications include region fixed effects. Robust standard errors in parentheses. Significance levels: *p < 0.10, **p < 0.05,

wtp < 0.01.

Finally, we use united regions to test for directional motives in belief updating. In these re-
gions, the political valence of the signal is clear: since both layers of government are run by Left,
bad news about waiting times is congenial to right-wing respondents, while good news is conge-
nial to left-wing respondents. These irrational biases therefore predict asymmetric learning about
performance itself: left-wing respondents should update more strongly when they receive good
news than when they receive bad news, whereas right-wing respondents should update more
strongly when they receive bad news than when they receive good news (e.g., Taber and Lodge,
2006). Appendix Table C.6 provides little evidence of this pattern. The treated-only estimates are
directionally consistent with the hypothesis, but the better-identified treatment-versus-control
specifications show no statistically significant treatment-induced asymmetry.

Before discussing our experimental results, it is worth noting that treatment randomization
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balance was successful across demographic characteristics, as we show in Section 5.4.

Testing the treatment-effect hypotheses on attribution The core predictions of the model
concern how new information about outcomes affects attribution. Proposition 1 argues that when
citizens receive good news — learning that waiting times are shorter than they believed — the
model predicts that they will rationally infer a higher probability that the actor they regard as
more competent (i.e. their preferred party) was responsible; bad news has the opposite effect. As
discussed in Section 4 this generates four hypotheses H71) — HT). Proposition 4 derives additional
results about the directional differences in updating as a result of information revelation. For
example, the gap in attribution to the regional government between right-wing and left-wing
voters should expand or contract as a result of treatment. As discussed in Section 4, this logic
generates five more hypotheses H Fy — H Fs.

We begin by restricting the sample to individuals in divided regions and estimating equation
(6). The relevant coeflicients as well as p-values for the theoretical sign restrictions are shown
in Table 7—for the full regression from which these estimates are derived, see column (1) of Ap-
pendix Table C.7. The results show that the effects of revealing the same performance information
on attribution are strongly heterogeneous and mostly consistent with the theory. In particular,
eight of the nine coeflicients have the expected sign, with one being statistically significant at
the 1% level, three being significant at the 5% level, one being significant at the 10% level, and
three non-significant. When the information constitutes good news relative to respondents’ pri-
ors, right-wing bad-assessment individuals shift responsibility toward the regional government
(their preferred side in our coding). When the information constitutes bad news, the signs reverse:
right-wing good-assessment individuals reduce the responsibility they attribute to the regional
government, while left-leaning good-assessment individuals increase it. In each case, citizens ap-
pear to be using the new performance information to update their beliefs about who is in charge
in a way that favors the party they consider more competent, exactly as in the theoretical model.
The only coefficient with a sign inconsistent with our hypotheses is the one corresponding to
HT, that is, the response of bad-assessment left-wing voters to good news.

Recalling that treatment closes the gap between the official and prior waiting times by about

36% compared to control, the size of some of these coefficients is economically significant. It
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implies, for example, that moving a bad-assessment right-wing voter from priors to the official
waiting time would shift responsibility towards the regional government by 2.11 points. Moving
a good-assessment right-wing voter fully to the official waiting time would instead shift respon-

sibility to the central government by 3.10 points.

Table 7

Treatment Effects in Divided Regions: Experimental Results

Left-wing Right-wing

0.45 0.76* 0.31
Good News

(0.85) (0.08) (0.33)

0.45 —1.12** —1.57**
Bad News

(0.20) (0.04) (0.03)

0.01 —1.87** —1.88**

(0.50) (0.01) (0.04)

Notes: Entries report the relevant combinations of coefficient estimates testing hypotheses HT1-HT4 and HE1-HES5 as defined in Table 2, with
one-sided p-values in parentheses. Appendix Table C.7 reports the full set of estimated regression coefficients and standard errors. The model is
estimated using equation (6). The sample includes treatment and control respondents in divided regions (N = 2,485). A region is classified as
“divided” if none of the parties in the central government coalition participates in the regional government coalition; see Table C.1 for a list of
divided regions. “Left-wing” and “Right-wing” refer to respondents’ partisan affiliation based on past regional vote or ideological self-placement.
“Good News” indicates that the information treatment provides favorable news about waiting times relative to respondents’ prior beliefs, while
“Bad News” indicates that it provides unfavorable news. All specifications include region fixed effects. Significance levels: *p < 0.10, **p < 0.05,

***p < 0.01.

These patterns are not driven by generic shifts in attribution unrelated to performance. In Ta-
ble 8 we show the placebo results when we restrict the sample to individuals in united regions—for
the full results, see column (2) of Appendix Table C.7. Unlike the results for divided regions, the
treatment effects in united regions provide no support for the predicted directional hypotheses,
with estimates either statistically insignificant or falling in the opposite direction. This lends
credibility to the theory, as it predicts no partisan effect on updating when there is no ambiguity
on the party in charge.

Finally, we use united regions as a control group and estimate equation (8). The results are

in Table 9—for the full results, see column (3) of Appendix Table C.7. Although results are more
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Table 8

Placebo Effects in United Regions: Experimental Results

Left-wing Right-wing

0.43 0.19 —0.24
(0.76) (0.38) (0.61)

Good News

—1.91 —0.79 1.13
(0.99) (0.17) (0.85)

Bad News

—2.35 —0.98 1.37
(0.99) (0.17) (0.83)

Notes: Entries report the relevant combinations of coefficient estimates testing the same HT1-HT4 and HE1-HES5 hypotheses as in Table 7, with
one-sided p-values in parentheses. Appendix Table C.7 reports the full set of estimated regression coefficients and standard errors. The model is
estimated using equation (6). The sample includes treatment and control respondents in united regions (N = 1,321). A region is classified as
“united” if at least one of the parties in the central government coalition participates in the regional government coalition; see Table C.1 for a list
of united regions. “Left-wing” and “Right-wing” refer to respondents’ partisan affiliation based on past regional vote or ideological self-placement.
“Good News” indicates that the information treatment provides favorable news about waiting times relative to respondents’ prior beliefs, while
“Bad News” indicates that it provides unfavorable news. In united regions, the same political bloc controls both government levels, so treatment
effects on attribution mediated by partisan priors should be absent. All specifications include region fixed effects. Significance levels: *p < 0.10,

**p < 0.05, ***p < 0.01.
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imprecise, eight of the nine coefficients have the expected sign, as before.*

Table 9

Divided Regions Controlling for United: Experimental Results

Left-wing Right-wing

0.01 0.56 0.55

Good News

(0.51) (0.25) (0.31)

2.37*** —0.33 —2.70**
Bad News

(0.01) (0.37) (0.03)

2.35** —0.90 —3.25**

(0.03) (0.25) (0.03)

Notes: Entries report the relevant combinations of coefficient estimates testing the same HT1-HT4 and HE1-HES5 hypotheses as in Table 7,
with one-sided p-values in parentheses. Appendix Table C.7 reports the full set of estimated regression coefficients and standard errors. The
model is estimated using equation (8). N = 3,806. A region is classified as “divided” if none of the parties in the central government coalition
participates in the regional government coalition, and as “united” otherwise; see Table C.1 for the classification of regions. “Left-wing” and
“Right-wing” refer to respondents’ partisan affiliation based on past regional vote or ideological self-placement. “Good News” indicates that the
information treatment provides favorable news about waiting times relative to respondents’ prior beliefs, while “Bad News” indicates that it

provides unfavorable news. All specifications include region fixed effects. Significance levels: *p < 0.10, **p < 0.05, ***p < 0.01.

Taken together, the experimental results provide a causal test of the mechanism highlighted
by the theory. When we exogenously shock performance beliefs with precise information, citi-
zens living under ambiguous partisan responsibility (i.e. in divided regions) update attribution in
ways that are fully mediated by their partisan priors and the sign of the news.

It is again worth mentioning that in Appendix Table C.8 we run these experimental speci-
fications using de jure responsibility as a dependent variable. Treatment effect coefficients are
all very small and statistically insignificant, again consistent with the idea that upon learning
new facts about performance, citizens update about actual responsibility but not about legal re-
sponsibility. Respondents in this experiment treat these two dimensions of responsibility very

differently.

39The coefficient for HT} still has the unexpected sign but it is now negligible in magnitude (0.01).
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5.4 Balance and Robustness

Tables C.9-C.12 test for the balance in specifications (4), (5), (6), and (8), respectively. The tables
show placebo estimates where the dependent variable in each specification is a socio-demographic
variable. Hence, we should see zero effects on these variables. The results are reassuring, with
no more significant effects than those expected by chance.

In Appendix Tables C.13-C.16 we study the robustness of the results using our four main
specifications given by equations (4), (5), (6), and (8), respectively. In all tables, column (1) shows
the baseline results, for reference. Column (2) drops the region fixed effects. Column (3) con-
trols for socio-demographic variables. Columns (4)-(5) use alternative measures of right-wing
partisanship. Column (4) defines an individual as “right” based on their ideology (ignoring past
vote). Column (5) defines it based on past vote (ignoring ideology). Columns (6)-(9) use alter-
native measures of assessment. Column (6) defines good assessment as being below the median
prior, regardless of official waiting time. Column (7) defines an individual as having a good as-
sessment if she is below the median in the difference between the prior and ideal waiting time.
Column (8) defines good assessment as being below the median prior, where the median prior is
defined separately for each combination of region and individual’s ideology. Column (9) consid-
ers a continuous variable, defined as the standardized difference in Official - Prior. Column (10)
drops Catalonia from the sample. The results are remarkably robust to all these changes.

Finally, Appendix Table C.17 reports results of specifications where the two experimental
treatments are treated separately instead of combined into one. The results reveal similar effects

as in our main results.

6 Discussion and Conclusion

This paper develops and tests a theory of belief updating under attribution ambiguity. We show
that when voters face uncertainty about which level of government is responsible for observed
policy outcomes, rational Bayesian updating generates patterns that have often been interpreted
as evidence of motivated reasoning or partisan bias: citizens attribute good outcomes to their
preferred party and bad outcomes to the party they dislike. The key insight is that performance

signals are jointly informative about both the quality of outcomes and the identity of the re-
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sponsible actor. When responsibility is ambiguous, voters with different priors about politicians’
competence rationally draw different inferences about attribution from the same signal.

We formalize this logic in a model where citizens observe policy outcomes but not which of
two actors produced them. In the model partisanship simply reflects a voter’s belief over the
relative competence of the two parties. The model yields sharp comparative statics: after good
outcomes, voters attribute responsibility toward the party they believe to be more competent;
after bad outcomes, they shift blame toward the opposing party. Crucially, these patterns persist
even when voters receive precise information about performance, because such information does
not resolve the underlying identification problem regarding attribution.

We test these predictions using original survey data from Spain, where both regional and
central governments plausibly share responsibility for healthcare. The observational evidence
confirms the model’s cross-sectional predictions: in regions with divided government, good-
assessment voters credit their preferred party while bad-assessment voters shift responsibility to
the opposition. These patterns are absent in regions where the same political bloc controls both
levels of government, so attribution does not carry the same partisan contrast. Our information
experiment provides causal evidence consistent with the model: exogenous news about health-
care quality induces heterogeneous updating of responsibility beliefs that varies systematically
with both the direction of news and voters’ partisan priors.

Three implications follow from our analysis. First, the literature’s emphasis on distinguishing
rational from biased updating may be less productive than previously thought. In environments
with attribution ambiguity—which characterize most multilevel democracies—observationally
identical updating patterns can arise under either assumption. Second, information campaigns
about policy performance may have limited effects on accountability not because voters are irra-
tional, but because such information does not resolve the deeper uncertainty about who deserves
credit or blame. Efforts to improve accountability may need to address institutional clarity along-
side informational gaps. Third, our results suggest that the fragmentation of responsibility across
levels of government creates structural obstacles to electoral accountability that cannot be over-
come through voter education alone.

Beyond political settings, these results have implications for organizational economics. If

there is ambiguity over who or why a particular project has succeeded or failed, our framework

50



suggests that priors will loom very heavily over the conclusions managers may draw and sub-
stantial disagreements may arise about the way forward even when information about what has
transpired is shared and precise.

Future work might examine how politicians strategically manipulate attribution, how institu-
tional reforms that clarify responsibility affect accountability, and whether repeated interactions
allow voters to learn about the mapping from outcomes to responsibility. Our framework provides
a foundation for analyzing these questions while highlighting that the challenge of democratic

accountability in complex polities runs deeper than voter ignorance or bias.
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A Theoretical Appendix

Proof of Proposition 1. Consider a generic citizen (we drop the subscript ¢ for simplicity) and
recall that «(a) is the prior probability that a = 1. We start by deriving the (marginal) posteriors
resulting from Bayesian updating after observing outcome Y € {S, F'}. After Y = 5,

Pr[Y = S|0g] a(1)0r + a(0)E[0;]
Pr[y’ = 5] (DE[0r] + a(0)E[0.]
OZ(l)E[&R] + OZ(O)QL

fr(ORlY =5) = Tr(Or) = - Tr(OR), )

PO =) = 0] + a0yl 0
_ Q) _ oy a(1)E[fg]
p(Y =5)=Pr(a=1Y =9) = a(E[0r] + a(0)E[L] (11)
and similarly, if Y = F'

o a()(1 = 6r) + a(0)E[l — 6]
fR(9R|Y - F) - a(l)E[l _ QR] n (X(O)E[l —_ QL] fR(eR)a (12)

o a(DE[L —0g] + a(0)(1 —6;)
LY = F) = a(E[1 — 0g] + a(0)E[1 — 6] f1Ou), (13)
p(Y =F)=Pr(a=1]Y = F) = E[l = Orlal) (14)

a(1)E[l — 0] + «(0)E[1 — 0]
Let Ag(Y) = E[0r—0.|Y] be R's advantage over L given outcome Y and Ag(0)) = E[fzr—0;]

be the prior advantage. Then, the effect of a success on R's advantage is

Ar(Y =8) = ﬁ (a(l) (/01 0% fr(0R)d0R — E[QR]E[QL]) + a(0) (E[QL]E[QR] — /01 Q%fL(QL)d9L>:

1
= Py =35 (e(1) (
_ a(1)Varlfg] — a(0)Var(0;]

Var0g] + E[0r] (E[0r] — E[0L])) — a(0) (Var[0L] + E[6.] (E[0L] — E[0r])]))

PrY = S + Ag(0). (15)
Similarly, we have
Ap(Y =F) = % (/(1 — 0r)0r[r(Or)d0r — E[0L]E[1 — 9R]>
b (e o) - [ - 000su (0000, )

a(0)Var(0,] — a(1)Var|0g]
— PV = F] + Ag(0). (16)

Finally, (11) and (14) confirm that attribution satisfies

PY =) _Elbr) a() . p(Y =F) _E[L-0s a(} )
1-p(Y=9) Ef)1l—a() ™ 1-p(y =F) E[l-0,]1—a(l)
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Therefore, p(Y = S) > «a(1) iff E[0g] > E[f.]—i.e., if R is voter’s initial favorite politi-
cian—while p(Y = F') > a(1) iff E[0] > E[0r]|—i.e., if L is voter’s initial favorite politician. []

Proof of Proposition 2. Using (15) and (16) we have for voter ¢
a(1)Var;[0g] — a(0)Var;[0]

Ap(Yi=5) = Pr[Y; = 5] (18)
By = ) = SO D ey e (19)

Thus, A%L(Y; = S) > 0 iff (1) holds, while A% (Y; = F) < 0 iff (1) holds. In particular, setting
a;(1) = 1 and a;(0) = 0 in (18) and (19) yields Ag(Y; = S) > 0 and Az(Y; = F) < 0 for all
voters. Conversely, setting a;(0) = 1 and a;(1) = 0 in (18) and (19) yields Ag(Y; = S) < 0 and
Agr(Y; = F) > 0 for all voters. N

To prove Proposition 3, we use the following Lemma.

Lemma 1. Suppose that citizens have a uniform prior over attribution—i.e., for all i, a;(a = 1) =
a;(a = 0) = 1/2. Ifi € X, then R remains voter i’s favorite politician if Y; = S and (E;[0g])* >
E;[0r], orif Y = F and (E;[1 — 07])? > Ei[1 — 0g]. If instead i € &, then L remains voter i’s
favorite politician if Y = S and (E;[01])* > E;[0r], or if Y = F and (1 — E;[0g])* > 1 — E;[0L].
Proof of Lemma 1. For this proof, we drop the subscript 7 for simplicity. Since 0 < 6; < 1 then
E[6?] < E[¢;], while Var[6;] > 0 implies that (E[0,])* < E[67]. These inequalities provide the
bounds
(E[0r])* — E[fr] < E[0%] — E[0]] < E[0&] — (E[0L]), (20)
(E[1 —0.])* —E[1 — 0g] <E[(1 —60.)%] —E[(1-0r)*] <E[l—-6.] — (E[1—-0g])> (21)

We can simplify (15) and (16) using (1) = «(0) = 1/2,

o a()Var[fg] — a(0)Var(fy] E[0%] — E[67]
Ar(Y =5) = Pr[Y = 9] +Ar(0) = E[0g] + E[6L]
a(0)Var[0,] — a(1)Var(0g] E[(1—6.)%] —E[(1 —0r)?]
ArY = F) = PrY = F] +Anll) = E[l — 0] +E[1 —0;]

Using the bounds (20) and (21) we then obtain the following bounds on Ag(Y")

(E[0r])? — E[0L] < Ar(Y = S)(E[0g] + E[0L]) < E[0r] — (E[0.])?,
(E[1 —6.))° — (E[1 —0g]) < Ag(Y = F)(E[l — 05 + E[1 — 0.]) <E[1—6,] — (1 — E[0x])>.



Consider first the case of sufficiency. If (E[fz])> > E[f;]—which implies E[r] > E[0.]
so R is the voter’s initial favorite politician—then Ar(Y = S) > 0 regardless of the variance
that the voter faces, while if (E[f.])? > E[0z]—which implies E[f;] > E[fg] so L is the voter’s
initial favorite politician—then Ag(Y = S) < 0, again, regardless of the variance of 6z and 0.
Moreover, if E[fz] > 1 — (1 — E[f,])*—which implies 1 — E[f;] > 1 — E[fg] so R is the voter’s
initial favorite politician—then Ag(Y = F) > 0 while if E[f] > 1—(1 — E[fg])*—which implies
1 —E[fL] < 1 —E[fg] so L is the voter’s initial favorite politician—then Agr(Y = F') < 0, in
both cases regardless of the variance of 0 and 0;,.

Consider now the case of necessity: we will find prior beliefs that reverse partisanship after the
voter privately observes the policy outcome. Suppose first that (E[0g])? < E[f;] but Var[0g] = ¢
and Var[0r] = E[0;](1 — E[0L]) — e with 0 < 2 < E[0;] — (E[fg])?. Then,

e+e—E[0)(1 - E[L)) + B0 — E[6.)* 2 + E[0x]2 — E[0y)

AR(Y = S) = E[@R] + E[@L] N E[@R] + E[QL]

< 0. (22)

If instead E[1 — 6;)> < E[1 — 0], consider prior variances Var[fr] = E[0z](1 — E[fg]) — ¢ and
Var|fy] = e with 0 < 2¢ < E[1 — 0] — E[1 — 67]? . Then,

e+e—E[0x](1 — E[0g]) + E[l — 0,)* — E[1 — 0)?

Ar(Y =F) = 23
(Y =F) E[l — 0n] + E[1 — 6y (3)
2¢ +E[1 -0 —E[1 -6
_2e BN -0 B 6] (24
E[l1 —0g|+E[1 —6,]
We can apply the same logic to the case of an .Z’-voter to prove sufficiency in part ii. [l

Proof of Proposition 3. Using (15) and (17) , Bayesian updating implies that after observing Y; =

S, voter ¢ will reach posteriors

_ oy EibR] i v oy EilfR] — Eil07]
n¥i=5) = g gy A =) = g TR, %)
while, using (16) and (17) we have,
pilY; = F) = E;[1 — 0g] and AL(Y; = F) = E;[(1—61)% — E;[(1 — QR)2]7 6)

E;[1 — 6g] + E;[1 — 6;] E;[1 — 6g] + E;[1 — 6;]
after Y; = F. This implies that p;(Y; = S) > 1/2iff E;[0g] > E;[0;], while p;(Y; = F) > 1/2
iff E;[1 — 6g] > E;[1 — 6.], so that attribution follows initial partisanship: for voter i, Ag(Y =

S)=1land A (Y = F) =1ifi € Z, whileifi € £, then A(Y =5)=1land Ag(Y = F) = 1.

3



Lemma 1 provides the maximum mass of voters that may switch allegiance after observing
their private outcome. Indeed, Lemma 1 shows that all i € % with (E;[0g])? > E;[0.] that
experience Y; = S, or experience Y; = F and (1 — E;[07])? > 1 — E,[0R], are guaranteed to still
see R as their favorite after observing the policy outcome; thus, these inequalities indeed define
baser(Y'). Lemma 1 also shows that any Z-voter that is not in baser(Y') may potentially switch
allegiance; that is, there are prior beliefs for any voter in crossoverg(Y) = % N (baser(Y))*
that would lead the voter to switch allegiance after observing Y, and similarly for any voter in
crossover(Y) =2 N (baser(Y))°

From the definition of p;;(Y'), and focusing on j = k = R we can write

pra(Y) _ Pr[Ap(Y) = 1|Ap(Y) > 0,Y] -
1—prr(Y)  Pr[Ag(Y) =0|Ag(Y) >0,Y]

Suppose first that Y = S. In light of our equivalence between prior partisanship and posterior
attribution, the denominator of (27) can be understood as the mass of .Z voters that switch al-
legiance and it is maximized when all voters in crossovery (Y = S) switch. The numerator, in
turn is the mass of Z voters that still see R as their favorite and it is minimized when all voters
in crossoverg(Y') switch. Thus,

prr(Y = 5) S Prli € baser(Y = 9)]
1—prr(Y =S) = Pr[i € crossover (Y = S5)]’

which gives (2) for 7 = R. A similar derivation would give (2) for j = L

Suppose now that Y = F. The denominator of (27) can be understood as the mass of #
voters that keep their allegiance and it is minimized when all voters in crossoverg(Y = F)
switch. The numerator, in turn is the fraction of .# voters that switch allegiance after Y = F
and it is maximized when all voters in crossovery (Y') switch. Thus,

prr(Y = F) < Prli € crossover (Y = F)]
1 —prr(Y =F) = Prli € baseg(Y = F)]

A similar derivation would apply to j = L. Noting that p;;(Y) = 1 — p;;(Y) gives (3) for
Y =F. [

Proof of Corollary 1. To simplify notation, let B;(Y') = Pr[i € base;(Y)] and C;(Y') = Pr[i €



crossover;(Y')]. Using the bounds (2) and (3) and the assumption that C;(Y") < By (Y') we have

1 1 1 1

pii(Y =8)—py(Y =F) > oY) B0 =3 3 O
I+35 1+3F 22
1 1 1 1

pij(Y =8) —p(Y = S) > CL(Y) Br(Y) Z5753-0
5w tor 7 °
1 1 1 1

pii(Y =F) —pp(Y = F) < B;(Y) Gy §§_§:O'

Il+aw toam
O

Proof of Proposition 4. We want to compute the asymptotic belief lim,, ., Prla = 1|¢t(n)] when
lim,, o0 t(n) = t. The proof of Lemma 1 in Acemoglu et al. (2016) (see also Diaconis and Freed-

man, 1990) shows that after observing in our Bernoulli process outcomes leading to #(n) then

EX[fRIt(n)]/EAfLIE(n)] = fa(t)/fL(t) so that,

o Prifa=1[t(n)] . Prift(n)la =1]ei(1) _ fi(t) ci(1)
lim = lim == .
n—oe Prifa = 0[t(n)] - nooe Prift(n)|a = 0Jei(0)  f1(t) i(0)
Fr(®)
fi(t)
every i € #, while fff ( ti decreases in t for every ¢ € .Z. This proves part 1.
For ease of exposition, let A%(t) = ;’}( and A% (t) = ;fEt;. For part 2, take a voter i. After
R

observing Y; = Y, voter i updates attribution according to (11) and (14), with p;(V; = S) >
pi(Y; = F)ifi € Z,butp;(Y; = 95) < p(Y; = F)ifi € £L. Ifi € #, then any ¢ such that

AL (¢ )azgé) > & Z; (’; will lead the voter to increase their belief that R is actually responsible. If

i € £, then any t such that A’ (¢) O"E(l)g > L= p(’é 7= will lead the voter to increase their belief that L

is responsible. Letting ;(Y;) = (A%)~! (O“—EO;T) ifi € #Z,andt;(V;) = (AZL)_1<Z_E(1)§1;57(—59/)))

if i € £, voter ¢ increases her belief that her initially favored politician is responsible iff ¢ >

fi(Yz‘)- OJ




B Treatment Effects: Bias Structures and Robust Implica-
tions

This Appendix discusses systematically how the different treatment-effect tests relate to alterna-
tive forms of confounding. The goal is not to introduce new hypotheses, but to clarify which of
the theory-implied sign restrictions remain informative under different bias structures.

Recall that the treatment-effect predictions from Proposition 1 in divided regions are:

HTll ’74<O
HTy:  y+7v>0
HTy: v+ >0

HT4Z ’74+75+76+’}/7<0.

These correspond directly to the treatment effects in each of the four groups defined by partisan-

ship and assessment.

B.1 Biases in Divided Regions Only

A first concern is that treatment may induce generic shifts in updating that differ across broad
respondent categories even in the absence of the mechanism highlighted by the model. Consider

the error structure

u; = (re + Cre + Cro + Crp + €, (28)

where (74 and (1 denote treatment-specific shifts for right-wing and left-wing individuals,
while (7o and (7rp denote treatment-specific shifts for good- and bad-assessment individuals.
Under this structure, the primitive tests 477 —H T, may be contaminated because each group-

specific treatment effect combines the theoretical mechanism with these confounder shifts. How-



ever, from Proposition 4 we obtain the following additional restrictions:

HE,: >0
HE,: 7477 <0
HE;: v >0
HEy: % +7 <0

HE; : 7 < 0.
These restrictions have the advantage of differencing out these confounding shifts:

« HF, and H F, difference out treatment shifts that are common across ideology groups, but

require that treatment-specific shifts by assessment status be symmetric, i.e. pro —prp = 0.

« HFEs5and HFE, difference out treatment shifts that are common across assessment groups,

but require that treatment-specific shifts by ideology be symmetric, i.e. pr% — pre = 0.

« HEj; is the most robust implication in this setup, since it differences out both types of

additive treatment-specific shifts and does not require either symmetry condition.

Thus, in the within-divided-regions specification, the primitive hypotheses are the most direct
tests of Proposition 1, but the additional implications are useful because they remain informative

under broader classes of confounding.

B.2 Biases Common to Divided and United Regions

A second concern is that treatment responsiveness may differ flexibly across the four respondent
categories, but in a way that is common across divided and united regions. Consider the error

structure

u; = Crep + Crazp + Creo + Crazo + €, (29)

where, for example, (7 ¢p denotes a treatment-specific shift for left-wing bad-assessment indi-

viduals unrelated to the model.



Under this structure, the fourth-difference specification,

Po=

+610; + 02%; + 030;x%;

+(54E + (5501Xﬂ + 56%1'Xﬂ + 5701X%ixn

+05 D,

—f-(SgOiXDZ‘g + 510‘%iDig + 6110iX%iXDig

+(512EXDZ'Q + 5130,‘XEXD1'9 + 514%¢XEXDZ'Q + 515OiX%Z'XT;‘XD,‘g

differences out those common category-specific treatment shifts. The primitive restrictions are

then:

HTli
HTQI
HTgZ

HT4I

(512<O
(512 +(513 >0
012 + 014 >0

512 + 513 + 514 + (515 < 0.

Under the identifying assumption that the idiosyncratic updating by category is common

across divided and united regions, these primitive fourth-difference tests are already robust to

the confounding structure in (29).

B.3 Biases that Differ Across Region Types

A third concern is that some broad treatment-specific shifts may themselves differ between di-

vided and united regions. Consider the error structure

u; = Cpar + Coezr + Cpor + Cppr + €, (30)

where (pr captures, for example, a treatment-specific shift for right-wing individuals in divided

regions relative to right-wing individuals in united regions, unrelated to the model.



In this case, the primitive fourth-difference restrictions may still be contaminated. However,

the same sign pattern implies the following auxiliary restrictions:

HE,:  013>0
HEy: 013+ 015<0
HE;: 014>0
HE;: 014+ 015<0

HE; : 015 < 0.
Again, these restrictions differ in robustness:

« HF, and H F, remain valid if treatment-specific shifts by assessment status are symmetric

across divided and united regions, i.e. ppor — pppr = 0.

« HFE5 and H FE, remain valid if treatment-specific shifts by ideology are symmetric across

divided and united regions, i.e. ppsr — pp.er = 0.

« HE; is again the strongest implication, since it differences out both types of additive shifts

and does not require either symmetry condition.

B.4 Interpretation

The discussion above clarifies the role of the different treatment-effect tests. The primitive hy-
potheses H11-H'T) are the most direct empirical translation of Proposition 1. The auxiliary im-
plications H E—-H Ej5 follow from Proposition 4 and are useful because some of them remain
informative under richer classes of confounding. In particular, the highest-order interaction re-
strictions, 7 in the divided-regions specification and d;5 in the fourth-difference specification,

provide the most robust falsification test of the theory’s sign pattern.
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Table C.1

Government Coalitions and Divided Governments, by Region

Region President  Gov Coalition Gov Formation Divided Gov
(1) () 3) (4)
Central Government PSOE PSOE, UP PSOE, UP, MP, PNV, BNG, Reg.
Andalusia PP PP, Cs PP, Cs, VOX Yes
Aragon PSOE PSOE, UP, Reg. PSOE, UP, Reg. No
Asturias PSOE PSOE PSOE, UP No
Canary Islands PSOE PSOE, UP, Reg. PSOE, UP, Reg. No
Cantabria Reg PSOE, Reg. PSOE, Reg. No
Castile and Leon PP PP, Cs PP, Cs Yes
Castile-La Mancha PSOE PSOE PSOE No
Catalonia ERC JxC, ERC JxC, ERC Yes
Valencian Com. PSOE PSOE, UP, Reg. PSOE, UP, Reg. No
Com. Madrid PP PP, Cs PP, Cs, VOX Yes
Galicia PP PP PP Yes
Extremadura PSOE PSOE PSOE No
Balearic Islands PSOE PSOE, UP, Reg. PSOE, UP, Reg. No
La Rioja PSOE PSOE, UP PSOE, UP No
Murcia PP PP, Cs PP, Cs, VOX Yes
Navarre PSOE PSOE, UP, PNV PSOE, UP, PNV No
Basque Country PNV PNV, PSOE PNV, PSOE No

Notes: The column President indicates the party of the president of the regional government at the time of the survey.
Gov Coalition indicates the parties that are part of the regional government (the executive). Gov Formation indicates
the parties that voted “yes” to the investiture of the regional president. The first row shows analogous values for
the central government, i.e., party of the prime minister, parties that are part of the central government, and parties
that voted “yes” to the investiture of the prime minister. Divided Gov indicates regions in which there is no overlap
between the government formation parties for that region and for the central government. “Reg” stands for voting
for any regionalist (or nationalist) party running in that region only. Our sample does not contain any respondent

from the autonomous cities of Ceuta and Melilla.
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Table C.2

Sample Characteristics

Spanish Population

(source: INE) Our Sample

Female 0.52 0.56
Ages 18-24 0.08 0.07
Ages: 25-34 0.14 0.14
Ages: 35-44 0.19 0.20
Ages: 45-54 0.19 0.21
Ages: 55+ 0.39 0.38
North-East Region 0.21 0.21
East Region 0.14 0.14
South Region 0.24 0.23
Center Region 0.22 0.24
North-West Region 0.09 0.09
North Region 0.09 0.08
Primary Education or Less 0.18 0.02
Secondary Education 0.29 0.11
Upper Secondary Education 0.14 0.23
Vocational Training 0.08 0.30
Tertiary Education 0.31 0.33

Notes: Demographic characteristics of the survey sample compared with the Spanish adult population.
Population statistics are from the National Institute of Statistics (Instituto Nacional de Estadistica,
INE), 2019. Survey data are from the authors’ sample of 3,857 respondents collected July 10-17, 2023.
The survey was conducted online by YouGov using quota sampling to achieve representativeness by
age, gender, region, and education. North-East Region includes Catalonia, Aragon, and Balearic Is-
lands; East Region includes Valencia and Murcia; South Region includes Andalusia and Canary Islands;
Center Region includes Madrid, Castile-La Mancha, Castile and Le6n, and Extremadura; North-West
Region includes Galicia, Asturias, and Cantabria; North Region includes Basque Country, Navarra,

and La Rioja.
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Table C.3

Summary Statistics

Mean Min. Max. Std. Dev. Observations

Age <35 0.22 0 1 0.42 3857
Age 36-50 0.32 0 1 0.47 3857
Age >50 0.45 0 1 0.50 3857
Low Educ 0.14 0 1 0.35 3857
High Educ 0.86 0 1 0.35 3857
Female 0.56 0 1 0.50 3857
Kids 0.34 0 1 0.47 3857
Rural 0.22 0 1 0.42 3857
Worker 0.61 0 1 0.49 3857
Student 0.06 0 1 0.24 3857
Retired 0.14 0 1 0.35 3857
Good Assessment 0.39 0 1 0.49 3857
Good Assessment (Continuous) -40.00 -910 122 103.04 3857
Right-wing Voter 0.46 0 1 0.50 3806
Divided Region 0.65 0 1 0.48 3857
Treated 0.67 0 1 0.47 3857
Resp RG (vs CG) 1.37 -10 10 6.19 3857
DeJure RG 0.58 0 1 0.49 3857

Notes: Summary statistics for the main variables used in the analysis. The unit of
observation is an individual survey respondent. “Good Assessment” indicates re-
spondents whose prior beliefs about waiting times are below the official regional
average. “Good Assessment (Continuous)” is the difference between official and
believed waiting times in days. “Right Voter” indicates right-wing partisanship
based on past regional vote or ideological self-placement. “Divided Region” in-
dicates residence in a region where the regional government coalition does not
overlap with the central government coalition. “Treated” indicates assignment to
receive accurate information about regional waiting times. “Responsibility Re-
gional Government (vs. Central Government)” is measured on a scale from —10
(central government fully responsible) to 410 (regional government fully respon-

sible).
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Table C.4

Attribution of Responsibility: Observational Evidence

1) (2 ®3)
Divided Reg.  United Reg. All
Good Assessment -1.09%* 0.98 0.98
(0.59) (0.81) (0.80)
Right-wing Voter -3.83%** -1.77* -1.77*
(0.58) (0.73) (0.73)
Good Assessment x Right-wing Voter 278" -0.60 -0.60
(0.89) (1.18) (1.17)
Good Assessment x Divided Region -2.07**
(1.00)
Right-wing Voter x Divided Region -2.06%*
(0.93)
Good Assessment x Right-wing Voter x Divided Region 3.37**
(1.47)
Constant 2.60** 2.54* 2.58***
(0.37) (0.54) (0.30)
H1<0 -1.09[0.03]  0.98[0.89]  -2.07 [0.02]
H2>0 1.69[0.01]  039[0.33]  1.30[0.12]
H3<0 -3.83[0.00]  -1.77[0.01] -2.06 [0.01]
H4>0 -1.05[0.94]  -2.36[0.99]  1.31[0.12]
H5>0 278 [0.00]  -0.60 [0.69]  3.37 [0.01]
Observations 819 434 1253
R? 0.06 0.06 0.07

Notes: Sample restricted to respondents in the control group. Columns (1) and (2) show the results
from estimating equation (4) for respondents in divided and united regions, respectively. Column (3)
shows the results from estimating equation (5) for the full sample. A region is classified as “divided”
if none of the parties in the central government coalition participates in the regional government
coalition; see Table C.1 for a list of divided regions. The dependent variable is how much respon-
sibility the respondent assigns to the regional versus the central government, measured on a scale
from -10 (all responsibility lies with the central government) to 10 (all responsibility lies with the
regional government). “Left-wing” and “Right-wing” refer to respondents’ partisan affiliation based
on past regional vote or ideological self-placement. “Bad Assessment” and “Good Assessment” indi-
cate whether respondents’ prior beliefs about waiting times exceed or fall below the official regional
average, respectively. Rows below the constant show results from testing the hypotheses outlined in
Section 2, one-sided p-values of the tests are in square brackets. Robust standard errors in parenthe-

ses. *p < 0.10, **p < 0.05, ***p < 0.01.
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Table C.5

De Jure Responsibility: Observational Evidence

(1) @) 3
Divided Reg.  United Reg. All
Good Assessment 0.01 -0.08 -0.08
(0.04) (0.07) (0.07)
Right-wing Voter -0.16*** -0.16*** -0.16***
(0.05) (0.06) (0.06)
Good Assessment x Right-wing Voter 0.08 0.02 0.02
(0.07) (0.10) (0.10)
Good Assessment x Divided Region 0.09
(0.08)
Right-wing Voter x Divided Region 0.00
(0.07)
Good Assessment x Right-wing Voter x Divided Region 0.06
(0.12)
Constant 0.64*** 0.69%** 0.65"*
(0.03) (0.04) (0.02)
H1<0 0.01[0.55]  -0.08 [0.13]  0.09 [0.85]
H2>0 0.08[0.07]  -0.06 [0.80]  0.15 [0.06]
H3<0 -0.16 [0.00]  -0.16 [0.00]  0.00 [0.51]
H4>0 -0.08[0.93]  -0.14[0.95]  0.06 [0.27]
H5>0 0.08[0.14]  0.02[0.43]  0.06 [0.32]
Observations 819 434 1253
R? 0.03 0.06 0.04

Notes: Sample restricted to respondents in the control group. Columns (1) and (2) show the results
from estimating equation (4) for respondents in divided and united regions, respectively. Column (3)
shows the results from estimating equation (5) for the full sample. A region is classified as “divided”
if none of the parties in the central government coalition participates in the regional government
coalition; see Table C.1 for a list of divided regions. The dependent variable is a dummy variable
indicating if the respondent (correctly) identified that regions are legally responsible for managing

healthcare services in Spain. “Left-wing” and “Right-wing” refer to respondents’ partisan affiliation

based on past regional vote or ideological self-pl “Bad A " and “Good A "
indicate whether respondents’ prior beliefs about waiting times exceed or fall below the official
regional average, respectively. Rows below the constant show results from testing the hypotheses
outlined in Section 2, one-sided p-values of the tests are in square brackets. Robust standard errors

in parentheses. *p < 0.10, **p < 0.05, ***p < 0.01.
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Table C.6

Motivated Learning in United Regions

(1)

Flexible, treated  Flexible, treated vs control

@

®)

Parsimonious, treated

@

Parsimonious, treated vs control

Right-wing voter 7.14 -8.80 4.96 -10.05
(7.84) (13.19) (7.68) (12.90)
Bad-news gap (Official — Prior) 0.75** 0.43*** 0.77*** 0.44*+*
(0.07) (0.09) (0.07) (0.09)
Right-wing voter x Bad-news gap 0.03 0.01
(0.10) (0.13)
Bad-news indicator 22.46* -1.53 12.61% -7.07
(14.12) (15.20) (8.24) (12.49)
Right-wing voter=1 x Bad-news indicator=1 -29.23** -18.97 -6.14 -6.00
(17.60) (19.13) (9.63) (13.32)
Bad-news gap x Bad-news indicator -0.22 -0.13
(0.28) (0.25)
Right-wing voter x Bad-news gap x Bad-news indicator 0.53* 0.32
(0.37) (0.33)
Treatment -16.98* -16.22%
(11.69) (11.40)
Treatment=1 x Right-wing voter=1 17.06 16.11
(15.39) (15.05)
Treatment x Bad-news gap 032+ 0.34%**
(0.12) (0.11)
Right-wing voter x Treatment x Bad-news gap 0.03
(0.16)
Treatment=1 x Bad-news indicator=1 22.65 18.20
(20.55) (14.98)
Treatment=1 x Right-wing voter=1 x Bad-news indicator=1 -10.13 0.25
(25.73) (16.43)
Treatment x Bad-news gap x Bad-news indicator -0.09
(0.37)
Right-wing voter x Treatment x Bad-news gap x Bad-news indicator 0.21
(0.49)
Congruent news x Bad-news gap -0.00 0.01
(0.10) (0.12)
Treatment x Congruent news x Bad-news gap -0.02
(0.16)
Observations 887 1321 887 1321
R? 0.56 048 055 048

Notes: The dependent variable is the difference between posterior and prior beliefs about waiting times (in days). “Bad-news gap” is defined as official waiting times minus prior

beliefs (in days). “Bad-news indicator” takes the value of 1 if official waiting time is larger than prior waiting time. Columns 1 and 2 report flexible specifications that allow the

learning slope to differ across right- and left-wing respondents and across bad- and good-news signals. Column 1 is estimated only among treated respondents, while column

2 includes both treated and control respondents and identifies the asymmetric updating pattern relative to the control group. Columns 3 and 4 report specifications based on a

congruent-news indicator, equal to one for right-wing respondents receiving bad news and left-wing respondents receiving good news. Column 3 is estimated only among treated

respondents, while column 4 estimates the corresponding treatment-versus-control specification. A region is classified as “united” if any of the parties in the central government

coalition participates in the regional government coalition; see Table C.1 for the classification of regions. “Right-wing” refers to respondents’ partisan affiliation based on past

regional vote or ideological self-placement. All specifications include region fixed effects. Robust standard errors in parentheses. Significance levels for one-sided hypothesis

testing: *p < 0.10, *p < 0.05,***p < 0.01.
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Table C.7

Attribution of Responsibility: Experimental Evidence

1) @) 3)
Divided Reg.  United Reg. All
Good Assessment -1.09"* 1.01 101"
(0.58) (0.79) (0.78)
Right-wing Voter -3.80%** -1.657* -1.65"*
(0.57) (0.73) (0.73)
Good Assessment x Right-wing Voter 2.80%** -0.67 -0.67
(0.89) (1.15) (1.15)
Treated 0.45 0.43 0.43
(0.43) (0.63) (0.63)
Good Assessment x Treated 0.01 235" 235"
(0.70) (0.98) (0.98)
Right-wing Voter x Treated 031 -0.24 -0.24
(0.70) (0.88) (0.88)
Good Assessment x Right-wing Voter x Treated -1.88"* 137 137
(1.08) (1.41) (1.41)
Good Assessment x Divided Region -2.10%*
(0.98)
Right-wing Voter x Divided Region 215"
(0.93)
Good Assessment x Right-wing Voter x Divided Region 3474
(1.45)
Treated x Divided Region 0.01
(0.76)
Good Assessment x Treated x Divided Region 235"
(1.20)
Right-wing Voter x Treated x Divided Region 0.55
(1.12)
Good Assessment x Right-wing Voter x Treated x Divided Region -3.25%*
(1.78)
Constant 2.58%** 246" 2547+
(0.36) (0.53) (0.30)
HT1<0 0.45[0.85]  043[076]  0.01[0.51]
HT2>0 0.45[0.20]  -1.91[0.99] 237 [0.01]
HT3>0 0.76 [0.08]  0.19[038]  0.56 [0.25]
HT4<0 -112[0.04]  -0.79[0.17] -0.33[0.37]
HE1>0 0.01[0.50]  -235[0.99] 235 [0.03]
HE2<0 -1.87[0.01]  -0.98[0.17]  -0.90 [0.25]
HE3>0 0.31[0.33]  -024[0.61]  0.55[031]
HE4<0 -157[0.03]  1.13[0.85]  -2.70 [0.03]
HE5<0 -1.88[0.04]  137[0.83]  -3.25[0.03]
Observations 2485 1321 3806
R? 0.07 0.05 0.06

Notes: Columns (1) and (2) show the results from estimating equation (6) for respondents in divided and united
regions, respectively. Column (3) shows the results from estimating equation (8) for the full sample. A region
is classified as “divided” if none of the parties in the central government coalition participates in the regional
government coalition; see Table C.1 for a list of divided regions. The dependent variable is how much respon-
sibility the respondent assigns to the regional versus the central government, measured on a scale from -10
(all responsibility lies with the central government) to 10 (all responsibility lies with the regional government).
“Left-wing” and “Right-wing” refer to respondents’ partisan affiliation based on past regional vote or ideologi-

cal self-pl; “Bad

" and “Good  indicate whether respondents’ prior beliefs about
waiting times exceed or fall below the official regional average, respectively. Rows below the constant show

results from testing the hypotheses outlined in Section 2, one-sided p-values of the tests are in square brackets.

Robust standard errors in parentheses. *p < 0.10, **p < 0.05, ***p < 0.01.
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Table C.8

De Jure Responsibility: Experimental Evidence

&) (@) ©)
Divided Reg.  United Reg. All
Good Assessment 0.00 -0.09 -0.09
(0.04) 0.07) 0.07)
Right-wing Voter -0.16** 016" 016"
(0.05) (0.06) (0.06)
Good Assessment x Right-wing Voter 0.07 0.00 0.00
(0.07) (0.10) (0.10)
Treated 0.03 -0.03 -0.03
(0.03) (0.05) (0.05)
Good Assessment x Treated -0.06 0.07 0.07
(0.05) (0.09) (0.09)
Right-wing Voter x Treated -0.02 0.03 0.03
(0.06) 0.07) 0.07)
Good Assessment x Right-wing Voter x Treated 0.01 0.04 0.04
(0.09) 0.12) 0.12)
Good Assessment x Divided Region 0.09
(0.08)
Right-wing Voter x Divided Region 0.00
0.07)
Good Assessment x Right-wing Voter x Divided Region 0.07
0.12)
Treated x Divided Region 0.06
(0.06)
Good Assessment x Treated x Divided Region -0.12
(0.10)
Right-wing Voter x Treated x Divided Region -0.05
(0.09)
Good Assessment x Right-wing Voter x Treated x Divided Region -0.03
(0.15)
Constant 0.64""* 069"+ 0.66***
(0.03) (0.04) (0.02)
HT1<0 003[082]  -0.03[0.27)  0.06 [0.85]
HT2>0 -0.03[0.73]  0.04[0.31]  -0.06 [0.77)
HT3>0 001[042]  0.00[0.49] 0.1 [0.45]
HT4<0 -0.04[023]  0.10[093]  -0.14 [0.05]
HE1>0 -0.06 [0.85]  0.07[022] -0.12[0.89]
HE2<0 -0.05[0.24]  0.10[0.89]  -0.15 [0.08]
HE3>0 -0.02[0.65]  0.03[0.32]  -0.05[0.73]
HE4<0 -0.01[043]  0.07[0.75]  -0.08 [0.25]
HE5<0 001[054]  0.04[0.61]  -0.03 [0.43]
Observations 2485 1321 3806
R? 0.03 0.04 0.03

Notes: Columns (1) and (2) show the results from estimating equation (6) for respondents in divided and united
regions, respectively. Column (3) shows the results from estimating equation (8) for the full sample. A region
is classified as “divided” if none of the parties in the central government coalition participates in the regional
government coalition; see Table C.1 for a list of divided regions. The dependent variable is a dummy variable
indicating if the respondent (correctly) identified that regions are legally responsible for managing healthcare
services in Spain. “Left-wing” and “Right-wing” refer to respondents’ partisan affiliation based on past regional

vote or ical self-pl “Bad " and “Good ” indicate whether respondents’

prior beliefs about waiting times exceed or fall below the official regional average, respectively. Rows below the
constant show results from testing the hypotheses outlined in Section 2, one-sided p-values of the tests are in

square brackets. Robust standard errors in parentheses. “p < 0.10, **p < 0.05, ***p < 0.01.
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Table C.9

Divided Regions, Observational Evidence: Balance

ey @ ®) () ©) ©) ™ ®) ) (10) 1)
Age <35 Age36-50 Age >50 Low Educ HighEduc Female  Kids Rural ~ Worker Student Retired
Good Assessment 0.02 -0.06 0.04 0.00 -0.00 -0.08* 0.01 -0.04 0.07 0.02 0.01
(0.04) (0.04) (0.05) (0.03) (0.03) 005 (0.05)  (0.04)  (0.05)  (0.02)  (0.03)
Right-wing Voter -0.00 -0.04 0.05 -0.01 0.01 0.03 -0.02 0.06™ 0.04 0.00 -0.01
(0.04) (0.04) (0.05) (0.03) (0.03) 005  (0.04)  (0.04)  (0.04)  (0.02)  (0.03)
Good Assessment x Right-wing Voter -0.03 0.10 -0.07 -0.03 0.03 -0.08 0.01 0.03 -0.14** -0.01 0.03
(0.06) (0.07) (0.07) (0.05) (0.05) 0.07)  (0.07)  (0.06)  (0.07)  (0.04)  (0.05)
Constant 0.23"** 0.34*** 0.43*** 0.14*** 0.86** 0.59*** 0.34™*  0.19"**  0.59"**  0.06"**  0.15"**
(0.02) (0.03) (0.03) (0.02) (0.02) 0.03)  (0.03)  (0.02)  (0.03)  (0.01)  (0.02)
Observations 819 819 819 819 819 819 819 819 819 819 819
R? 0.00 0.01 0.01 0.01 0.01 0.03 0.01 0.10 0.01 0.01 0.01

Notes: Results from estimating equation (4). Sample restricted to respondents in divided regions and the control group. Each column uses a demographic
characteristic as the dependent variable: age groups (columns 1-3), education levels (columns 4-5), female (column 6), having children (column 7), rural residence
(column 8), and employment status (columns 9-11). A region is classified as “divided” if none of the parties in the central government coalition participates in
the regional government coalition; see Table C.1 for a list of divided regions. “Left-wing” and “Right-wing” refer to respondents’ partisan affiliation based on past
regional vote or ideological self-placement. “Bad Assessment” and “Good Assessment” indicate whether respondents’ prior beliefs about waiting times exceed or

fall below the official regional average, respectively. Robust standard errors in parentheses. Significance levels: *p < 0.10, **p < 0.05, ***p < 0.01.

Table C.10

Divided Regions Controlling for United, Observational Evidence: Balance

(1) @) ®) ) ©) (6) ™) (®) ©) (10) (11)

Age <35 Age36-50 Age>50 Low Educ HighEduc Female Kids Rural ~ Worker Student Retired
Good Assessment -0.03 0.06 -0.02 0.02 -0.02 -0.17** 0.08 0.02 -0.09 -0.03 -0.02
(0.06) (0.07) (0.08) (0.05) (0.05) 0.07)  (0.07)  (0.06)  (0.08)  (0.04)  (0.06)
Right-wing Voter 0.02 0.01 -0.03 -0.01 0.01 -0.08 0.03 0.01 -0.01 -0.00 -0.04
(0.05) (0.06) (0.06) (0.04) (0.04) 0.06)  (0.06)  (0.05)  (0.06)  (0.03)  (0.04)
Good Assessment x Right-wing Voter 0.15* -0.08 -0.07 0.00 -0.00 0.07 -0.02 0.02 0.15 0.03 -0.02
(0.09) (0.10) (0.10) (0.08) (0.08) 0.10)  (0.10)  (0.09)  (0.10)  (0.06)  (0.07)
Good Assessment x Divided Region 0.06 -0.12 0.06 -0.02 0.02 0.09 -0.07 -0.06 0.15* 0.05 0.04
(0.07) (0.08) (0.09) (0.06) (0.06) 009  (0.08)  (0.07) (009  (0.05)  (0.07)
Right-wing Voter x Divided Region -0.02 -0.05 0.07 0.00 -0.00 0.11 -0.05 0.05 0.06 0.00 0.04
(0.06) (0.07) (0.08) (0.05) (0.05) 0.07)  (0.07)  (0.06)  (0.07)  (0.04)  (0.05)
Good Assessment x Right-wing Voter x Divided Region ~ -0.18* 0.18 0.00 -0.03 0.03 -0.16 0.03 0.01 -0.29** -0.05 0.05
(0.11) (0.12) (0.13) (0.09) (0.09) (012)  (0.12)  (0.10)  (0.13)  (0.07)  (0.08)

Constant 0.22%** 0.33%** 0.45%** 0.14*** 0.86%** 0.62***  0.33***  0.21**  0.60***  0.07***  0.15"**
(0.02) (0.02) (0.02) (0.02) (0.02) 0.02)  (0.02)  (0.02)  (0.02)  (0.01)  (0.02)
Observations 1,253 1,253 1,253 1,253 1,253 1,253 1,253 1,253 1,253 1,253 1,253
R? 0.01 0.01 0.01 0.02 0.02 0.04 0.02 0.10 0.01 0.02 0.02

Notes: Results from estimating equation (5). Sample restricted to respondents in the control group. Each column uses a demographic characteristic as the dependent variable: age
groups (columns 1-3), education levels (columns 4-5), female (column 6), having children (column 7), rural residence (column 8), and employment status (columns 9-11). A region is
classified as “divided” if none of the parties in the central government coalition participates in the regional government coalition; see Table C.1 for a list of divided regions. “Left-wing”
and “Right-wing” refer to respondents’ partisan affiliation based on past regional vote or ideological self-placement. “Bad Assessment” and “Good Assessment” indicate whether
respondents’ prior beliefs about waiting times exceed or fall below the official regional average, respectively. Robust standard errors in parentheses. Significance levels: *p < 0.10,

*p < 0.05, " p < 0.01.
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Table C.11

Divided Regions, Experimental Results: Balance

ey () 3 (4 ®) (6) ™ (8) ) (10) (11)
Age <35 Age36-50 Age>50 Low Educ HighEduc Female  Kids Rural  Worker Student Retired

Good Assessment 0.02 -0.06 0.04 0.00 -0.00 -0.08* 0.00 -0.04 0.07 0.03 0.01
(0.04) (0.04) (0.05) (0.03) (0.03) 0.05)  (0.04)  (0.04)  (0.05)  (0.02)  (0.03)

Right-wing Voter -0.01 -0.04 0.05 -0.00 0.00 0.03 -0.01 0.06 0.05 0.00 -0.01
(0.04) (0.04) (0.05) (0.03) (0.03) 0.04)  (0.04)  (0.03)  (0.04)  (0.02)  (0.03)

Good Assessment x Right-wing Voter -0.04 0.10 -0.07 -0.02 0.02 -0.09 0.02 0.03 -0.14* -0.01 0.03
(0.06) (0.07) (0.07) (0.05) (0.05) 0.07)  (0.07)  (0.06)  (0.07)  (0.04)  (0.05)

Treated 0.00 -0.03 0.03 -0.02 0.02 -0.01 -0.02 0.02 0.02 0.01 -0.01
(0.03) (0.03) (0.04) (0.02) (0.02) 0.03)  (0.03)  (0.03)  (0.03)  (0.02)  (0.03)

Good Assessment x Treated 0.01 0.04 -0.05 0.03 -0.03 -0.02 0.01 0.04 -0.04 -0.02 -0.02
(0.05) (0.05) (0.06) (0.04) (0.04) 0.06)  (0.05)  (0.04)  (0.06)  (0.03)  (0.04)

Right-wing Voter x Treated -0.02 0.06 -0.04 0.01 -0.01 0.03 0.06 -0.05 -0.04 -0.03 -0.00
(0.05) (0.05) (0.06) (0.04) (0.04) 0.06)  (0.05)  (0.04)  (0.06)  (0.03)  (0.04)

Good Assessment x Right-wing Voter x Treated 0.04 -0.07 0.04 -0.00 0.00 0.03 -0.06 -0.03 0.10 0.03 0.00
(0.07) (0.08) (0.09) (0.06) (0.06) 0.09)  (0.08)  (0.07)  (0.09)  (0.04)  (0.06)
Constant 0.23*** 0.34*** 0.43*** 0.14*** 0.86%** 0.59***  0.34™*  0.19"**  0.58"**  0.06"**  0.15"**
(0.02) (0.03) (0.03) (0.02) (0.02) 0.03)  (0.03)  (0.02) (003  (0.01)  (0.02)

Observations 2,485 2,485 2,485 2,485 2,485 2,485 2,485 2,485 2,485 2,485 2,485

R? 0.01 0.01 0.01 0.01 0.01 0.02 0.01 0.08 0.00 0.01 0.01

Notes: Results from estimating equation (6). Sample restricted to respondents in divided regions. Each column uses a demographic characteristic as the dependent variable:

age groups (columns 1-3), education levels (columns 4-5), female (column 6), having children (column 7), rural residence (column 8), and employment status (columns 9-11).

A region is classified as “divided” if none of the parties in the central government coalition participates in the regional government coalition; see Table C.1 for a list of

divided regions. “Left-wing” and “Right-wing” refer to respondents’ partisan affiliation based on past regional vote or ideological self-placement. “Bad Assessment” and

“Good Assessment” indicate whether respondents’ prior beliefs about waiting times exceed or fall below the official regional average, respectively. Robust standard errors in

parentheses. Significance levels: *p < 0.10, **p < 0.05, ***p < 0.01.
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Table C.12

Divided Regions Controlling for United, Experimental Results: Balance

(1) @) ®3) ) ©) () @) ®) ©) (10) (11)
Age <35 Age36-50 Age >50 Low Educ HighEduc Female  Kids Rural ~Worker Student Retired

Good Assessment -0.03 0.06 -0.03 0.03 -0.03 -0.18"* 0.09 0.02 -0.10 -0.02 -0.03
(0.06) (0.07) (0.08) (0.05) (0.05) 0.07)  (0.07)  (0.06)  (0.07)  (0.04)  (0.05)

Right-wing Voter 0.02 0.01 -0.03 -0.01 0.01 -0.09 0.04 0.01 -0.02 0.01 -0.04
(0.05) (0.06) (0.06) (0.04) (0.04) (0.06)  (0.06)  (0.05)  (0.06)  (0.03)  (0.04)

Good Assessment x Right-wing Voter 0.14 -0.07 -0.07 0.01 -0.01 0.09 -0.03 0.01 0.15 0.03 -0.02
(0.09) (0.10) (0.10) (0.07) (0.07) (0.10)  (0.10)  (0.09)  (0.10)  (0.06)  (0.07)

Good Assessment x Divided Region 0.05 -0.12 0.07 -0.03 0.03 0.10 -0.09 -0.06 0.17* 0.05 0.04
(0.07) (0.08) (0.09) (0.06) (0.06) 0.09)  (0.08)  (0.07)  (0.09)  (0.04)  (0.06)

Right-wing Voter x Divided Region -0.03 -0.05 0.08 0.00 -0.00 0.12 -0.05 0.05 0.06 -0.00 0.03
(0.06) (0.07) (0.07) (0.05) (0.05) 0.07)  (0.07)  (0.06)  (0.07)  (0.04)  (0.05)

Good Assessment x Right-wing Voter x Divided Region -0.17 0.17 0.00 -0.03 0.03 -0.17 0.05 0.03 -0.29** -0.04 0.05
(0.11) (0.12) (0.12) (0.09) (0.09) (012)  (012)  (0.10)  (0.12)  (0.07)  (0.08)

Treated 0.00 0.02 -0.02 -0.00 0.00 -0.01 0.01 0.01 0.04 -0.06™* -0.03
(0.04) (0.05) (0.06) (0.04) (0.04) 0.05)  (0.05)  (0.04)  (0.05)  (0.03)  (0.04)

Good Assessment x Treated 0.07 -0.10 0.03 -0.04 0.04 -0.03 -0.08 -0.04 -0.09 0.10% 0.07
(0.07) (0.09) (0.09) (0.06) (0.06) 009 (0.09)  (0.07)  (0.09)  (0.05)  (0.07)

Right-wing Voter x Treated -0.03 -0.02 0.05 0.02 -0.02 -0.02 0.02 0.00 -0.04 0.02 0.06
(0.06) (0.07) (0.07) (0.05) (0.05) 0.07)  (0.07)  (0.06)  (0.07)  (0.03)  (0.05)

Good Assessment x Right-wing Voter x Treated -0.15 0.14 0.01 0.05 -0.05 0.03 0.05 0.06 0.03 -0.07 -0.02
(0.10) (0.12) (0.12) (0.09) (0.09) (0.12)  (012) (0100  (0.12)  (0.07)  (0.08)

Divided Region x Treated -0.00 -0.04 0.05 -0.02 0.02 0.01 -0.04 0.01 -0.02 0.07** 0.02
(0.05) (0.06) (0.07) (0.05) (0.05) 0.06)  (0.06)  (0.05)  (0.06)  (0.03)  (0.05)

Good Assessment x Divided Region x Treated -0.06 0.15 -0.08 0.06 -0.06 0.01 0.10 0.08 0.05 -0.13** -0.09
(0.09) (0.10) (0.11) (0.08) (0.08) (0.11)  (0.10)  (0.09)  (0.11)  (0.05)  (0.08)

Right-wing Voter x Divided Region x Treated 0.01 0.08 -0.09 -0.01 0.01 0.05 0.04 -0.05 -0.00 -0.05 -0.06
(0.07) (0.09) (0.09) (0.06) (0.06) 0.09)  (0.09)  (0.07)  (0.09)  (0.04)  (0.06)

Good Assessment x Right-wing Voter x Divided Region x Treated 0.19 -0.22 0.03 -0.05 0.05 -0.00 -0.11 -0.09 0.07 0.10 0.02
(0.13) (0.14) (0.15) (0.11) (0.11) (0.15)  (0.15)  (0.13)  (0.15)  (0.08)  (0.10)
Constant 0.22%* 0.33"** 0.45** 0.14** 0.86™** 0.62°** 0.32***  0.21"**  0.60"**  0.06"**  0.15"**
(0.02) (0.02) (0.02) (0.02) (0.02) (0.02)  (0.02)  (0.02)  (0.02)  (0.01)  (0.02)

Observations 3,806 3,806 3,806 3,806 3,806 3,806 3,806 3,806 3,806 3,806 3,806

Rr? 0.01 0.01 0.01 0.01 0.01 0.02 0.01 0.09 0.01 0.01 0.01

Notes: Results from estimating equation (8). Each column uses a demographic characteristic as the dependent variable: age groups (columns 1-3), education levels (columns 4-5), female
(column 6), having children (column 7), rural residence (column 8), and employment status (columns 9-11). A region is classified as “divided” if none of the parties in the central government
coalition participates in the regional government coalition; see Table C.1 for a list of divided regions. “Left-wing” and “Right-wing” refer to respondents’ partisan affiliation based on past
regional vote or ideological self-placement. “Bad Assessment” and “Good Assessment” indicate whether respondents’ prior beliefs about waiting times exceed or fall below the official regional

average, respectively. Robust standard errors in parentheses. Significance levels: *p < 0.10, **p < 0.05, ***p < 0.01.
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Table C.13

Divided Regions, Observational Evidence: Robustness

1) (@] 3) @ (5) (6) ™ ® ) (10)
Base. NoFE  Controls Right: ideol. Right: vote Opt.: median Opt.: ideal ~Opt.: reg.-ideol. ~Opt.: cont. No Catalonia
Good Assessment -1.09** -1.23** -1.13** -0.44 -1.07* -1.64%%* -1.66%** -1.52%** -0.39 -0.95*
059 (0.59) (0.58) (0.65) (0.67) (0.57) (0.57) (0.57) (0.30) (0.73)
Right-wing Voter -3.83%%F  -3.66"F  -3.94%** -3.63%** -4.63%** -4.07%%* -3.84%* -4.03°** -2.82%%* -4.06™**
(0.58) (0.57) (0.57) (0.56) (0.76) (0.63) (0.64) (0.61) (0.45) (0.65)
Good Assessment x Right-wing Voter ~ 2.78*** ~ 2.88***  2.78*** 1.13* 2.55% 2.78** 2.43%* 2.80%* 1.39*** 217
0.89)  (0.89) (0.88) (0.88) (1.12) (0.88) (0.88) (0.87) (0.50) (1.02)
Constant 2.60"** 2.56"** 2.66"** 3.01%** 2.79*** 2.94"* 2.887** 2,91 2.16"* 3.00%**
(0.37) (0.37) (0.36) (0.39) (0.42) (0.40) (0.38) (0.40) (0.29) (0.44)
Hi<0 -1.09** -1.23** -1.13** -0.44 -1.07* -1.64™* -1.66*** -1.52%* -0.39 -0.95%
H2>0 1.69*** 1.65*** 1.65*** 0.68 1.49* 1.14* 0.77 1.29* 1.01%** 1.23**
H3<0 -3.83°" -3.66™*  -3.94* -3.63"** -4.63** -4.07*** -3.84*** -4.03*** -2.82%** -4.06***
H4>0 -1.05 -0.78 -1.16 -2.51 -2.08 -1.30 -1.40 -1.23 -1.42 -1.89
H5>0 278 2.88"** 2.78"** 1.13* 2.55" 278 243" 2.80™ 1.39"* 217"
Observations 819 819 819 815 583 819 819 819 819 607
R? 0.06 0.05 0.11 0.07 0.09 0.07 0.06 0.07 0.06 0.08

Notes: All columns show the results from estimating equation (4). Sample restricted to respondents in the control group. Column (1) shows the baseline results, for reference.

Column (2) drops the region fixed effects. Column (3) controls for the socio-demographic variables. Columns (4)-(5) use alternative measures of right individual. Column (4)

defines an individual as “right” based on their ideology (ignoring past vote). Column (5) defines it based on past vote (ignoring ideology). Columns (6)-(9) use alternative measures

of good assessment. Column (6) defines good assessment as being below the median prior, regardless of official waiting time. Column (7) defines an individual as good assessment

if she is below the median in the difference between the prior and ideal waiting time. Column (8) defines good assessment as being below the median prior, where the median

prior is defined separately for each combination of region and individual’s ideology. Column (9) considers a continuous variable, defined as the standardized difference in Official

- Prior. Column (10) drops Catalonia from the sample. Rows below the constant show results from testing the hypotheses outlined in Section 2, one-sided p-values of the tests are

in square brackets. Robust standard errors in parentheses. *p < 0.10, **p < 0.05, ***p < 0.01. See notes to Table C.4 for more details.
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Table C.14

Divided Regions Controlling for United, Observational Evidence: Robustness

(1) @ (3) (©] O] (6) @) ®) ©) (10)
Base. NoFE  Controls Right: ideol. Right: vote ~Opt.: median Opt.: ideal ~Opt.: reg-ideol. Opt.: cont. No Catalonia
Good Assessment 0.98 1.12* 1.17* 1.46** 110 0.79 0.24 1.27* 0.31 0.98
(0.80) (0.80) (0.79) (0.79) (0.95) (0.81) (0.81) (0.79) (0.42) (0.81)
Right-wing Voter -1.77*%% -1.53** -1.65** -1.40"* -2.82%** -1.70** -2.08"** -1.84** -2.11%* -1.77
0.73) (0.73) (0.72) 0.73) (0.94) (0.85) (0.86) (0.85) (0.57) (0.73)
Good Assessment x Right-wing Voter -0.60 -0.85 -0.56 -1.49* -0.62 -0.63 0.17 -0.29 -0.51 -0.60
(1.17) (1.19) (1.16) (1.16) (1.48) (1.15) (1.16) (1.14) (0.52) (1.17)
Good Assessment x Divided Region -2.07**  -2.35%%% 230 -1.91** -2.16** -2.43%* -1.90** -2.78%* -0.70* -1.93**
(1.00) (1.00) (0.99) (1.02) (1.16) (1.00) (0.99) (0.97) (0.52) (1.09)
Right-wing Voter x Divided Region -2.06™* -2.13** -2.31%* -2.23** -1.81* -2.37% -1.76* -2.19** -0.71 -2.29%**
(0.93) (0.93) (0.92) (0.92) (1.21) (1.06) (1.07) (1.05) (0.73) (0.98)
Good Assessment x Right-wing Voter x Divided Region ~ 3.37** 372 3.36"* 2,61 3.18"* 3,417 2.27* 3.09%* 1.91%%* 277
(1.47) (1.48) (1.46) (1.45) (1.86) (1.45) (1.46) (1.44) (0.73) (1.56)
Constant 2.58*+* 2.40%** 2,57 2.76*** 2.92%** 2.79*** 2.85%** 2.68*** 243 2,81
(0.30) (0.53) (0.30) (0.32) (0.35) (0.34) (0.33) (0.34) (0.23) (0.34)
Hi<0 =207 -2.35"* -2.30" -1.91 -2.16 -2.43"* -1.90** -2.78"** -0.70* -1.93*
H2>0 1.30 1.38 1.07 0.71 1.01 0.97 0.36 0.31 1.21%* 0.84
H3<0 -2.06** -2.13* -2.317%* -2.23%** -1.81* -2.37** -1.76* -2.19* -0.71 -2.29%**
H4>0 131 1.60* 1.05 0.38 1.37 1.03 0.51 0.90 1.20 0.48
H5>0 3.37** 372" 3.36"" 2.61%* 3.18** 3,41 2.27* 3.09** 1.91%* 2,77
Observations 1253 1253 1253 1247 873 1253 1253 1253 1253 1041
R? 0.07 0.05 0.10 0.07 0.09 0.07 0.07 0.07 0.06 0.07

Notes: All columns show the results from estimating equation (5). Sample restricted to respondents in the control group. Column (1) shows the baseline results, for reference. Column (2) drops

the region fixed effects. Column (3) controls for the socio-demographic variables. Columns (4)-(5) use alternative measures of right individual. Column (4) defines an individual as “right” based on

their ideology (ignoring past vote). Column (5) defines it based on past vote (ignoring ideology). Columns (6)-(9) use alternative measures of good assessment. Column (6) defines good assessment

as being below the median prior, regardless of official waiting time. Column (7) defines an individual as good assessment if she is below the median in the difference between the prior and ideal

waiting time. Column (8) defines good assessment as being below the median prior, where the median prior is defined separately for each combination of region and individual’s ideology. Column

(9) considers a continuous variable, defined as the standardized difference in Official - Prior. Column (10) drops Catalonia from the sample. Rows below the constant show results from testing the

hypotheses outlined in Section 2, one-sided p-values of the tests are in square brackets. Robust standard errors in parentheses. *p < 0.10, **p < 0.05, ***p < 0.01. See notes to Table C.4 for more

details.
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Table C.15

Divided Regions, Experimental Results: Robustness

(1 @ 3 @ (5) (6) ™) (®) 9) (10)
Base. NoFE  Controls Right: ideol. Right: vote Opt.: median Opt.: ideal ~Opt.: reg.-ideol. ~Opt.: cont. No Catalonia
Good Assessment -1.09** -1.23** -1.19** -0.44 -1.08* -1.66*** -1.65"** -1.49%** -0.38 -0.95*
0.58) (059 (0.57) (0.64) (0.66) (0.57) (0.57) (0.57) (0.30) 0.72)
Right-wing Voter -3.80"* 3,66 -3.86™** -3.55%* -4.627* -4.08"** -3.80™** -3.97* -2.78* -4.01°**
(057 (0.57) (0.56) (0.56) (0.76) (0.62) (0.64) (0.61) (0.44) (0.65)
Good Assessment x Right-wing Voter 2.80™* 2,887 2.83"* 1.09 2,59 2.86"* 2,427 2777 1.407** 2217
0.89)  (0.89) (0.88) (0.87) (1.12) (0.87) (0.88) (0.87) (0.50) (1.02)
Treated 0.45 0.49 0.40 0.32 0.39 0.18 0.11 0.19 0.46* 0.32
0.43)  (0.44) (0.43) (0.48) (0.50) (0.47) (0.46) (0.48) (0.34) (0.52)
Good Assessment x Treated 0.01 -0.05 0.17 -0.70 -0.02 0.61 0.84 0.55 -0.05 -0.17
0700 (0.70) (0.69) 0.77) (0.79) (0.68) (0.68) (0.68) (0.37) (0.86)
Right-wing Voter x Treated 0.31 0.25 0.40 0.73 0.92 0.54 0.36 0.54 -0.41 0.43
0.70)  (0.70) (0.69) (0.68) (0.91) (0.76) (0.78) (0.74) (0.54) (0.79)
Good Assessment x Right-wing Voter x Treated -1.88"*  -1.84™* -1.96"* -0.57 -2.21% -2.03** -1.75* -2.17** -0.70 -1.05
(1.08)  (1.08) (1.07) (1.06) (1.37) (1.07) (1.07) (1.07) (0.59) (1.25)
Constant 2.58"** 2,56 2,617 2,987 2,79 2,94 2.87%* 2.88%% 2,15 2,987
(036)  (0.37) (0.36) (0.40) (0.42) (0.40) (0.38) (0.40) (0.28) (0.44)
HT1<0 0.45 0.49 0.40 0.32 0.39 0.18 0.11 0.19 0.46 0.32
HT2>0 0.45 0.45 0.56 -0.38 0.37 0.79* 0.95** 0.75* 0.41 0.15
HT3>0 0.76* 0.74* 0.80% 1.05* 1.31* 0.72 0.47 0.73* 0.05 0.74
HT4<0 -1.12* -1.15" -1.00* -0.22 -0.92 -0.69 -0.44 -0.89* -0.70 -0.48
HE1>0 0.01 -0.05 0.17 -0.70 -0.02 0.61 0.84 0.55 -0.05 -0.17
HE2<0 -1.87* -1.89** -1.80" -1.27 -2.23" -1.41" -0.90 -1.62* -0.75* -1.22*
HE3>0 0.31 0.25 0.40 0.73 0.92 0.54 0.36 0.54 -0.41 0.43
HE4<0 -1.57* -1.59* -1.56** 0.16 -1.29 -1.49** -1.39** -1.64" -1.11* -0.62
HE5<0 -1.88** -1.84** -1.96** -0.57 -2.21° -2.03" -1.75* -2.17*" -0.70 -1.05
Observations 2485 2485 2485 2476 1764 2485 2485 2485 2485 1839
R? 0.07 0.06 0.09 0.06 0.08 0.07 0.07 0.07 0.07 0.07

Notes: All columns show the results from estimating equation (6). Sample restricted to respondents in divided regions. Column (1) shows the baseline results, for reference. Column (2)

drops the region fixed effects. Column (3) controls for the socio-demographic variables. Columns (4)-(5) use alternative measures of right individual. Column (4) defines an individual as

“right” based on their ideology (ignoring past vote). Column (5) defines it based on past vote (ignoring ideology). Columns (6)-(9) use alternative measures of good assessment. Column (6)

defines good assessment as being below the median prior, regardless of official waiting time. Column (7) defines an individual as good assessment if she is below the median in the difference

between the prior and ideal waiting time. Column (8) defines good assessment as being below the median prior, where the median prior is defined separately for each combination of region

and individual’s ideology. Column (9) considers a continuous variable, defined as the standardized difference in Official - Prior. Column (10) drops Catalonia from the sample. Rows below the

constant show results from testing the hypotheses outlined in Section 2, one-sided p-values of the tests are in square brackets. Robust standard errors in parentheses. *p < 0.10, **p < 0.05,

***p < 0.01. See notes to Table C.7 for more details.
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Table C.16

Divided Regions Controlling for United, Experimental Results: Robustness

1) @] ) @) (5) (6) ™ (®) 9 (10)
Base. NoFE  Controls Right: ideol. ~Right: vote Opt.: median Opt.: ideal ~Opt.: reg.-ideol. ~Opt.: cont. No Catalonia
Good Assessment 1.01* 1.12% 1.07* 1.42** 1.09 0.88 0.36 1.41** 0.38 1.01*
(0.78) (0.80) (0.78) 0.77) (0.90) (0.79) (0.80) (0.78) (0.41) (0.78)
Right-wing Voter -1.65** -1.53** -1.57* -1.37** -2.57** -1.55*% -1.88** -1.60** -1.99%** -1.65*%
(0.73) (0.73) (0.72) 0.73) (0.93) (0.85) (0.86) (0.85) (0.57) (0.73)
Good Assessment x Right-wing Voter -0.67 -0.85 -0.46 -1.51% -0.61 -0.74 -0.03 -0.55 -0.54 -0.67
(1.15) (1.18) (1.14) (1.15) (1.42) (1.13) (1.14) (1.13) (0.51) (1.15)
Good Assessment x Divided Region -2.10%* 235" 222" -1.86"* -2.17* -2.54"* -2.01% -2.89"* -0.76* -1.96**
(0.98) (0.99) (0.97) (1.00) (1.12) (0.97) (0.98) 0.97) (0.51) (1.07)
Right-wing Voter x Divided Region -2.15" -2.13** -2.30"* -2.18% -2.05"* -2.53% -1.92** -2.37" -0.79 -2.37
(0.93) (0.93) (0.91) (0.92) (1.20) (1.05) (1.07) (1.05) (0.72) (0.98)
Good Assessment x Right-wing Voter x Divided Region 3474 3720 3.23** 2.60** 3.20** 3.59%+* 2.45%* 3.32%* 1.94%** 2.88%*
(1.45) (1.48) (1.44) (1.44) (1.81) (1.43) (1.44) (1.43) (0.72) (1.54)
Treated 0.43 0.63 0.50 1.00* -0.00 0.43 0.22 0.82 -0.43 0.43
(0.63) (0.63) (0.61) (0.62) (0.74) (0.73) (0.74) (0.74) (0.48) (0.63)
Good Assessment x Treated -2.35%%% -2.49%F -2.48%* -2.86"** -2.50%* -1.74* -1.25% -2.47% -0.22 -2.35%+*
0.98) (0.9 (0.97) (0.95) (1.12) (0.97) (0.97) (0.97) (0.51) (0.98)
Right-wing Voter x Treated -0.24 -0.59 -0.38 -1.13* 0.43 -0.20 -0.14 -0.36 0.36 -0.24
(0.88) (0.88) (0.87) (0.88) (1.10) (1.02) (1.04) (1.03) (0.69) (0.88)
Good Assessment x Right-wing Voter x Treated 1.37 1.54 1.33 2.33%* 1.80 0.98 0.81 1.24 0.62 1.37
(1.41) (1.44) (1.39) (1.40) (1.73) (1.37) (1.38) (1.38) (0.67) (1.41)
Divided Region x Treated 0.01 -0.13 -0.10 -0.69 0.39 -0.26 -0.11 -0.63 0.89* -0.12
(0.76) (0.77) (0.75) (0.79) (0.89) (0.87) (0.87) (0.88) (0.59) (0.81)
Good Assessment x Divided Region x Treated 2.35%* 244 2.61%* 2.16** 248 2.35%* 2.09** 3.02%** 0.16 2.18%*
(1.20) (1.22) (1.19) (1.23) (1.37) (1.18) (1.19) (1.18) (0.63) (1.30)
Right-wing Voter x Divided Region x Treated 0.55 0.83 0.77 1.86* 0.48 0.74 0.49 0.89 -0.77 0.67
(1.12) (1.12) (1.11) (1.11) (1.43) (1.27) (1.30) (1.27) (0.88) (1.18)
Good Assessment x Right-wing Voter x Divided Region x Treated — -3.25** -3.38"* -3.24% -2.90** -4.01%* -3.01% -2.55% -3.41%* -1.31% -2.42*
(1.78)  (1.80) (1.75) (1.76) (2.21) (1.74) (1.75) (1.74) (0.89) (1.89)
Constant 2.54** 2.40%** 2,54 274 2.88*** 275"+ 279 2.61%%* 2.40"** 2.76"**
(0.30) (0.53) (0.29) (0.32) (0.35) (0.34) (0.33) (0.34) (0.23) (0.34)
HT1<0 0.01 -0.13 -0.10 -0.69 0.39 -0.26 -0.11 -0.63 0.89 -0.12
HT2>0 2370 231" 2.50*** 1.48* 2.88"** 2.10%** 1.99*** 239"+ 1.05 2.06"
HT3>0 0.56 0.70 0.66 1.18* 0.88 0.48 0.38 0.27 0.12 0.55
HT4<0 -0.33 -0.24 0.03 0.43 -0.65 -0.17 -0.07 -0.12 -1.03 0.31
HE1>0 235" 2.44™ 2.61%* 2.16** 248" 235" 2.09** 3.02%** 0.16 2.18"
HE2<0 -0.90 -0.94 -0.63 -0.74 -1.53 -0.66 -0.46 -0.39 -1.15** -0.24
HE3>0 0.55 0.83 0.77 1.86™ 0.48 0.74 0.49 0.89 -0.77 0.67
HE4<0 -2.70"* -2.55"* -2.47** -1.04 -3.53** -2.27** -2.06"* -2.52** -2.08"* -1.75
HE5<0 -3.25™* -3.38™* -3.24** -2.90** -4.01** -3.01"* -2.55" -3.41** -1.31% -2.427
Observations 3806 3806 3806 3793 2673 3806 3806 3806 3806 3160
R? 0.06 0.05 0.09 0.06 0.08 0.06 0.06 0.06 0.06 0.07

Notes: All columns show the results from estimating equation (8). Column (1) shows the baseline results, for reference. Column (2) drops the region fixed effects. Column (3) controls for the socio-demographic

variables. Columns (4)-(5) use alternative measures of right individual. Column (4) defines an individual as “right” based on their ideology (ignoring past vote). Column (5) defines it based on past vote (ignoring

ideology). Columns (6)-(9) use alternative measures of good assessment. Column (6) defines good assessment as being below the median prior, regardless of official waiting time. Column (7) defines an individual

as good assessment if she is below the median in the difference between the prior and ideal waiting time. Column (8) defines good assessment as being below the median prior, where the median prior is defined

separately for each combination of region and individual’s ideology. Column (9) considers a continuous variable, defined as the standardized difference in Official - Prior. Column (10) drops Catalonia from

the sample. Rows below the constant show results from testing the hypotheses outlined in Section 2, one-sided p-values of the tests are in square brackets. Robust standard errors in parentheses. *p < 0.10,

**p < 0.05, ***p < 0.01. See notes to Table C.7 for more details.
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Table C.17

Attribution of Responsibility: Experimental Evidence, by Treatment Type

1) @ 3) @ ) (6)
Div.norank United, norank Full norank Div, rank  United, rank  Full, rank
Good Assessment -1.07* 1127 112 1117 0.87 0.87
(0.59) (0.79) (0.79) (0.59) (0.80) (0.79)
Right-wing Voter -3.827%* -1.67% 1677 -3.78°* 1,697 -1.697
(0.57) (0.73) (0.73) (0.57) (0.74) (0.73)
Good Assessment x Right-wing Voter 2797 -0.68 -0.68 280" -0.62 -0.62
(0.89) (1.16) (1.16) (0.89) (1.16) (1.16)
Treated 0.60 0.12 012 030 0.71 071
(0.50) (0.72) (0.72) (0.49) (0.72) (0.71)
Good Assessment x Treated -0.10 -3.32%** -3.32%+* 0.09 -1.16 -1.16
(0.80) (1.13) (1.13) (0.79) (1.14) (1.13)
Right-wing Voter x Treated 0.11 0.26 0.26 0.50 -0.64 -0.64
(0.84) (1.01) (1.00) (0.79) (1.01) (1.01)
Good Assessment x Right-wing Voter x Treated -1.82% 2.82% 2.82%* -1.90% -0.50 -0.50
(1.26) (1.63) (1.62) (1.24) (1.63) (1.63)
Good Assessment x Divided Region -2.19% -1.98%
(0.98) (0.99)
Right-wing Voter x Divided Region -2.15% -2.09"*
(0.93) (0.93)
Good Assessment x Right-wing Voter x Divided Region 348" 3427
(1.46) (1.46)
Treated x Divided Region 0.49 -0.41
(0.88) (0.86)
Good Assessment x Treated x Divided Region 3.22°% 1.24
(138) (139)
Right-wing Voter x Treated x Divided Region -0.14 113
(1.31) (1.28)
Good Assessment x Right-wing Voter x Treated x Divided Region -4.64% -1.40
(2.05) (2.04)
Constant 2.59%%* 2.45%%* 2.54%* 2.58%* 2,514 2.55%**
(0.37) (0.53) (0.30) (0.37) (0.53) (0.30)
HT1<0 0.60 [0.89] 0.12 [0.56] 049[071]  030([0.73]  0.71[0.84]  -0.41[0.32]
HT2>0 051[0.21] -3.20 [1.00] 371[0.00)  038[0.27] -0.45[0.70]  0.83 [0.22]
HT3>0 0.72 [0.14] 0.37 [0.30] 0.34[036] 079[0.10] 0.7 [0.46]  0.72[0.22]
HT4<0 -1.20 [0.05] -0.13 [0.45] -1.07[0.18]  -1.02[0.08]  -1.59 [0.04]  0.56 [0.69]
HE1>0 -0.10 [0.55] -3.32 [1.00] 322[001]  0.09[0.46] -116[0.84]  1.24[0.19]
HE2<0 -1.92 [0.02] -0.50 [0.33] -1.42[0.17]  -1.82[0.03] -1.66 [0.08]  -0.16 [0.46]
HE3>0 0.1 [0.45] 0.26 [0.40] -0.14[054]  050[0.26] -0.64[0.73]  1.13[0.19]
HE4<0 -1.71 [0.04] 3.07 [0.99] -4.78[0.00]  -1.40[0.07] -1.14[0.19]  -0.27 [0.43]
HE5<0 -1.82[0.07] 2.82 [0.96] -4.64[0.01]  -1.90[0.06] -0.50 [0.38]  -1.40 [0.25]
Observations 1636 895 2531 1668 860 2528
R? 0.07 0.05 0.07 0.06 0.08 0.07

Notes: Columns (1)-(3) restrict the sample to respondents either in the control group or in the treatment group not receiving the additional information about
how the relevant waiting time in their region ranks among all regions in Spain. Columns (4)-(6) restrict the sample to respondents either in the control group
or in the treatment group receiving the additional information about how the relevant waiting time in their region ranks among all regions in Spain. Columns
(1), (2), (4), and (5) show the results from estimating equation (6) for respondents in regions with divided and united governments, respectively. Columns (3) and
(6) show the results from estimating equation (8) for the full sample. A region is classified as “divided” if none of the parties in the central government coalition
participates in the regional government coalition; see Table C.1 for a list of divided regions. The dependent variable is how much responsibility the respondent
assigns to the regional versus the central government, measured on a scale from -10 (all responsibility lies with the central government) to 10 (all responsibility lies

with the regional government). “Left-wing” and “Right-wing” refer to respondents’ partisan affiliation based on past regional vote or ideological self-placement.

“Bad > and “Good * indicate whether respondents’ prior beliefs about waiting times exceed or fall below the official regional average,
respectively. Rows below the constant show results from testing the hypotheses outlined in Section 2, one-sided p-values of the tests are in square brackets.

Robust standard errors in parentheses. *p < 0.10, **p < 0.05, ***p < 0.01.
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D Differences from the Pre-Analysis Plan

The survey and experiment analyzed in this paper were pre-specified in a pre-analysis plan (PaP)
that we registered with the AEA Randomized Controlled Trials Registry on 7 July 2023. We also
obtained approval for the survey and experimental design from the ethics committee at CEMFI
(Application Reference Number 3; Approval date: 18 June 2023). This Appendix describes how
the analyses reported in the paper relate to that plan.

The pre-analysis plan was written to cover a broad research agenda spanning several projects
that draw on the same survey. It therefore pre-specifies a large set of outcomes, hypotheses, and
specifications, organized into six families of outcomes—beliefs about the provision and gover-
nance of public healthcare; trust in political institutions; political preferences and support for
the incumbent governments; polarization; support for taxation and redistribution; and perceived
health status and well-being—together with a range of heterogeneity analyses and robustness
checks.

This paper develops and tests one component of that agenda: a model of attribution of respon-
sibility under ambiguity and its empirical implications. Accordingly, we report only the subset of
pre-registered analyses that speaks to this theory—principally beliefs about which layer of gov-
ernment is responsible for public healthcare, and how those beliefs respond to information about
performance—and we do not report results for the remaining pre-registered outcome families.
Those additional analyses are outside the scope of the present paper and have not been carried
out here; we would be glad to conduct and share them upon request.

Within the subset of analyses we do report, our empirical implementation follows the pre-
analysis plan. As described in Section 3, we apply the pre-specified sample-selection rules, drop-
ping respondents who fail the attention check or complete the questionnaire in an implausibly
short time, as well as a single observation with an extreme outlier in reported waiting-time be-
liefs. We classify partisanship, assessment of the quality of public healthcare, and attribution of
responsibility using the definitions set out in the plan, and we estimate the pre-registered exper-
imental and observational specifications. Where the exposition departs in minor ways from the
exact wording of the plan—for example, in the labeling of variables or the grouping of specifica-

tions into tables—these differences are cosmetic and do not affect the results.
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E OQuestionnaire

This appendix reproduces the respondent-facing survey items used to construct variables, implement
the information treatments, define the analysis sample, or describe the survey in the paper. Questions
not used for those purposes and programming instructions are omitted. Bracketed placeholders were
filled with respondent-specific information. Panel-profile variables used in the paper but not asked in
this questionnaire (such as sex and municipality type) are not reproduced. The order of some modules

and response options was randomized. Questions translated from Spanish by the authors.

E.1 Background characteristics and political preferences

« Region of residence. In which autonomous community do you live?

Response: Andalusia; Aragon; Cantabria; Castile and Leon; Castile-La Mancha; Catalonia; Ceuta; Community
of Madrid; Community of Navarre; Valencian Community; Extremadura; Galicia; Balearic Islands; Canary

Islands; La Rioja; Melilla; Basque Country; Principality of Asturias; or Region of Murcia.

« Education. What is the highest level of education you have completed?

Response: No formal education; primary education; lower-secondary education; upper-secondary education;
first- or second-level vocational education; unfinished university studies; three-, four-, or five-year university

degree; master’s degree; PhD; other; or prefer not to answer.
« Age. How old are you?
Response: Open numerical response.
« Employment status. Which of the following best describes your current employment

situation?

Response: Employee in the private sector; employee in the public sector; business owner, professional, or self-
employed; retired or pensioner; unemployed but previously employed; unemployed and never employed;

student; unpaid domestic work; or other.

28



« Household composition. How many people, including yourself, live in your household?

Please enter the number of people in each age group.

Response: Children aged 0-17; adults aged 18-64; and adults aged 65 or older.

+ Participation in the previous regional election. Did you vote in the most recent re-
gional election held in your autonomous community? If your community did not hold
a regional election on May 28, please answer with reference to the most recent regional

election.

Response: Yes; I think I voted; I think I did not vote; no; or do not know/prefer not to answer.

« Past regional vote. Which party did you vote for in the previous regional election? If
your community did not hold a regional election on May 28, please answer with reference

to the most recent regional election.

Response: The list of parties standing in the respondent’s autonomous community, plus other, abstention/did

not vote, and do not know.

+ Left-right self-placement. In politics, people commonly use the terms left and right. On
a scale from 1 to 10, where 1 means “Left” and 10 means “Right,” where would you place

yourself?

Response: 1 (Left) to 10 (Right).

+ Attention check. Recent studies of decision-making show that decisions are affected by
the context in which they are made and reflect people’s prior feelings, knowledge, expe-
rience, and environment. Thank you for helping make the survey results meaningful by
following the instructions. To help us confirm that you have read these instructions, select

“none of the above” from the following options.

Response: Anger; joy; sadness; fear; surprise; or none of the above.
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E.2 Waiting-time beliefs and experimental information

Respondents were randomly assigned to begin with either the specialist- consultation module or
the elective-surgery module. Treated respondents received official information about the waiting-
time dimension asked first. The other waiting-time dimension was elicited later. Control respon-
dents did not receive the official information. The two treatment variants differed in whether

respondents also saw their autonomous community’s position in the national ranking,.

E.2.1 Specialist consultations

+ Ideal waiting time. In your opinion, what would be an appropriate waiting time to see a

specialist doctor in the public healthcare system, averaged across medical specialties?

Move the slider to select your preferred waiting time. Please bear in mind that reducing

waiting times could require higher taxes or fewer resources for other public services.
Response: 0 to 180 days, where 180 denotes 180 days (six months) or more.

Note: The specialties considered were gynecology, ophthalmology, traumatology, dermatology, otorhino-

laryngology, neurology, general surgery, urology, gastroenterology, and cardiology.

+ Belief about the actual waiting time. We would now like you to try to guess how many
days patients have to wait to see a specialist. Can you tell us how many days patients in
[Autonomous Community] had to wait in 2022 to see a specialist doctor in the public
healthcare system, averaged across medical specialties? Move the slider to indicate your

answer.

Response: 0 to 180 days, where 180 denotes 180 days (six months) or more. Respondents selecting 180 or more

were asked to enter the exact number of days.

+ Belief about relative waiting times. How do you think waiting times to see a specialist
doctor in the public healthcare system in [Autonomous Community] compare with the

average across all autonomous communities?
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Response: Much shorter than average; shorter than average; approximately average; longer than average; or

much longer than average.

E.2.2 Elective surgery

+ Ideal waiting time. In your opinion, what would be an appropriate waiting time for

surgery in the public healthcare system, averaged across different types of surgery?

Move the slider to select your preferred waiting time. Please bear in mind that reducing

waiting times could require higher taxes or fewer resources for other public services.
Response: 0 to 180 days, where 180 denotes 180 days (six months) or more.

Note: The procedures considered were cataract surgery, inguinal/femoral hernia repair, hip replacement,
arthroscopy, lower-limb varicose-vein surgery, cholecystectomy, hallux valgus surgery, adenotonsillectomy,
benign prostatic hyperplasia surgery, pilonidal-cyst surgery, carpal-tunnel surgery, knee replacement, valvu-

lar heart surgery, coronary bypass surgery, and hysterectomy.

+ Belief about the actual waiting time. We would now like you to try to guess how many
days patients have to wait for surgery. Can you tell us how many days patients in [Au-
tonomous Community] had to wait in 2022 for surgery in the public healthcare system,

averaged across different types of surgery? Move the slider to indicate your answer.

Response: 0 to 180 days, where 180 denotes 180 days (six months) or more. Respondents selecting 180 or more

were asked to enter the exact number of days.

+ Belief about relative waiting times. How do you think waiting times for surgery in
the public healthcare system in [Autonomous Community] compare with the average

across all autonomous communities?

Response: Much shorter than average; shorter than average; approximately average; longer than average; or

much longer than average.
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E.2.3 Information shown to treated respondents

Official waiting-time information. Respondents assigned to treatment saw the correspond-

ing message for the dimension elicited first:

According to official public data for 2022, in [Autonomous Community] the average wait-
ing time to see a specialist doctor in the public healthcare system is [XX] days. This is [ZZZ]

days [more/less] than you predicted.

or

According to official public data for 2022, in [Autonomous Community] the waiting time
for surgery in the public healthcare system is [XX] days. This is [ZZZ] days [more/less]

than you predicted.

Additional ranking information. Half of the treated respondents also saw the corresponding

regional-ranking message:

We now show you the ranking of autonomous communities from the shortest to the longest
waiting time to see a specialist doctor in the public healthcare system. According to official
public data, [Autonomous Community] has [ranking description] waiting time, and its
waiting time is [above/below] the national average. You had predicted that your community

was [respondent’s relative-waiting-time answer].

or

We now show you the ranking of autonomous communities from the shortest to the longest
waiting time for surgery in the public healthcare system. According to official public data,
[Autonomous Community] has [ranking description] waiting time, and its waiting time
is [above/below] the national average. You had predicted that your community was [re-

spondent’s relative-waiting-time answer].
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E.2.4 Belief elicited after the information module

E.3

« Respondents who first answered the specialist-consultation questions were later asked: We

would now like you to try to guess how many days patients have to wait for surgery. Can
you tell us how many days patients in [Autonomous Community] had to wait in 2022 for
surgery in the public healthcare system, averaged across different types of surgery? Move

the slider to indicate your answer.

Response: 0 to 180 days, where 180 denotes 180 days (six months) or more. Respondents selecting 180 or more

were asked to enter the exact number of days.

Respondents who first answered the elective-surgery questions were later asked: We would
now like you to try to guess how many days patients have to wait to see a specialist. Can
you tell us how many days patients in [Autonomous Community] had to wait in 2022 to
see a specialist doctor in the public healthcare system, averaged across medical specialties?

Move the slider to indicate your answer.

Response: 0 to 180 days, where 180 denotes 180 days (six months) or more. Respondents selecting 180 or more

were asked to enter the exact number of days.

Attribution of responsibility

Political (de facto) responsibility. We would like to ask which layer of government you
believe is more responsible for the quality of public healthcare. On a scale where —10 means
“the Government of Spain bears all the responsibility” and 10 means “the government of
your autonomous community bears all the responsibility,” how much responsibility would

you attribute to each government?

Response: Slider from —10 (Government of Spain) to 10 (government of the respondent’s autonomous com-

munity).

Legal (de jure) responsibility. Which public administration has authority over healthcare—

that is, who decides the level of spending, personnel management, hospital management,
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primary care, and so forth?

Response: The central government; the government of your autonomous community; your municipal govern-

ment; the institutions of the European Union; or do not know/prefer not to answer.
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